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Abstract:  Social network (SN) has become a popular research field in both academia and industry. However, most of the current studies
in this field mainly focuses on a single SN. Obviously, the integration of SNs, termed as social network integration (SNI), provides more
sufficient user behavior data and more complete network structure for the studies on SN such as social computing. Additionally, SNI is
more effective in excavating and understanding human society through SNs. Thus, it has significant theoretical and practical value to
explore problems in SNI. Correlating users refer to the user accounts belonging to the same individual in different SNs. Since users
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Table 2 Time complexities of correlating user mining algorithms using user relationship
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Fig.5 Correlating user mining based on user relationship
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Fig.6 Comparisons of FRUI, NS and NM in three synthetic networks along with the number of prior knowledge
6 FRULNS I NM $357E 3 FA RN L1992 v B 56 560 1 B3 AL o S 3 xf Ee

T ARG S% AL S IS BN, 3 P B AT AN [ B B R 4 P AT AR B T(a) R T(b)A 3 R
R4 WIHE p=0.05,0.1,0.2,0.3,0.4 1) 74 [R] 5% U AE n=1000 ) ER A1 WS % 4% i FRUT H1 NS 535 b %5 W) 2% 35 i
(7 158 00, DRI P P 472 40 200 SR 48 R 7 5 AR 224 p=0.2 B, P R 450925 1) 28 38 B 7 A n=5000 1) ER FH W'S 1% % 71 FRUT



B NF @A P& Gk X BER P ATAR G R i 1577

NS SLiLAR e sy LT AT B OGB4k | FRUT A B3R 4R T NS 5018 7(c)h 3 FhELikAE BA
D9 & m BLDL 20 FRIER BE M 20 38 03 100 (193 (01356 bh. S5 AR It 55 ) 24 %35 2 1) 488 i, FRUT AT NS 503 1 4 [l R
W I.7E 3 B N L2 FRUT B0 73 [l 28 #8IE AR T NS S0k 1 NM B0 LR MEFZ 90 G R A A R I,
Kl 7() M 7(b)ik B :E ER A1 WS W25, p fHACK B /NS FRUT A1 NS SEMTHE B 2 ME0 H P A
REAT 2 50 4 (0 ST F 42 4 R X A TIE T 56 2.2.1 5% FRUT 54K 1 43 4T

1 — 1 - 1.0 - ——
A x =
08 7 08 NN T —
4 " \ & a~ / = u
é’u.s x VN =06 > me
e FRULN=1000 ‘\ % 7 7"‘—FRUI,N=16‘B@‘ = —— FRULN=10000
Zo4 FRULM-5000 Bo4 F— FRUI,N=5DDD\.\\ iha —8— FRULN=20000
J  ——MN5N=1000 \ 4 e NSNS0 A0 —— IN5,N=10000
o2 ——— NSH=5000 \ o2 /o NSN=RI0 02 —— NSM=20000
0 L_o_e—S—NMN=1000 3 o | K ol —e— NMN=1000
i = = = i = = Ny 0o e © © o o
0 01 ’ 0z 0z 04 0 01 02 03 04 a0 a0 6D a0 100
(a) ER %% (b) WS M &4 (c) BA W45

Fig.7 Comparisons of FRUI, NS and NM in three synthetic networks along with the density of the network
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Fig.8 Comparisons of FRUI, NS and NM in three synthetic networks along with the overlap of the networks
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Table 3 Networks of the ground truth dataset
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Fig.9 Degree distributions of networks in ground truth dataset
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