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Abstract: The rapid development of generative technologies has revealed their potential for real-world applications. The core objective of
pose-guided person image and video generation is to transform a person from inputs into a specified pose while maintaining a high level
of appearance consistency. This technology can be widely applied in various fields such as virtual try-on and fashion, advertising video
generation and editing, and multimodal content creation, driving advancements in user experience and technological innovation. However,
despite significant progress, the technology still faces multiple challenges, including effective extraction and rearrangement of appearance
information during pose transfer, generation of unseen information, consistency preservation, and efficient model training and deployment.
Based on the existing challenges, this study provides a detailed analysis of the strategies employed by current mainstream pose-guided

generation methods to address these issues, discussing their feasibility and limitations in practical applications. Moreover, it explores the
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commonly used generative models and pose representation methods in pose-guided generation. It also reviews the datasets, their sizes,
characteristics, and evaluation benchmarks used in this field. Furthermore, this study discusses the applications of this technology in virtual
try-on, video generation and editing, and multimodal content generation. It highlights the remaining challenges, such as the retention of
personalized information, generation in complex scenes, and model efficiency and real-time performance. Finally, this study discusses
potential future development trends of pose-guided generation technology, aiming to provide researchers with a systematic summary and
reference to promote its application and innovation across industries.

Key words: pose-guided generation; person image and video generation; generative adversarial network (GAN); diffusion model; controllable

generation

BEAE THENIALSE . BT 2 IR B 2 SIHEOR B Wl R &, RS B iR (pose-guided person
image and video generation) &7 R A N T8 BRI B B F 5 ). Wi 1 PO, AT 558 TR 4R € NP A
(appearance) FI AJEZS (pose) HIHINZAF N REAT, AY)BISMLE H H— ik —4E R RN, T8 8 RS B
YRR R EINER R, Ho O B AR RN I N 4R B A, BT R A AN IARAE AR DAAR B
ISR AP S IR R L AMIAHE, FRATRE S 28 A0 H 1 AW UG BT, 1% Xt T 48 7 P A4 56 Fi 3 3
FORBH R EEE X

ZE R4 ESRE AR
BT B H D E G AT 55

X FARAMNAE L R Wik RS A7 b B BN U, SR TE R RS L T P A A R A S
PR R E S 2 AN RS T H ). AR 15 SR AR AT M, S P A\ G AT A s A T LA - 01 2 i
B R AUL AR €5, BRI AR BRI AR I v F B 0, A A BB AR AR 9 R R I A I S LT, 18
o R PR AR 50 PO A ) [ O 27 EAN R S MR O, R A A A AT, e e T AR e I A ik
EENAE R 5 8 BN A B SR AR AR, R S AR, bk, 38T & I R X —HoR, i i
ARSI S (AR) HL5), 35 A 7 AR o At ok U,

LA AP EG AT AR T2 RO, B AT I A SR - I8 A2 R Y S5 A VR BRI 35 | 5 2 28 et
P4 (generative adversarial network, GAN)!' RN ik 7 (314 A st 700 330 6 05 3% ) i Th AR A5 25 A AT S5 42 AT
R OB R AR G 07 R B SR R, T B AT BT ARG BRSBTS A R ) 4 3 0 el R O SOR R
THEREG BT, JUHAE A S B AR LS, e AR s . BRI A B, I BB E i A ok
o Sk A TR AR RSB, A8 O A 25 M I A L, (645 SR 2019 o] LA SR InAS b 4, AT E— 2D 88T T AE N
VIR E SR, 5 B R, B B S AT D 3D AR R R, AR R LAY e TE 4T T BRI
H ARG B0 A, T8 RERE AT 2R (1 = 45 23 MR S M EN AT . X — 3B AT B EUG AR AR B 52 3 5%
NIRRT HAS BRI AR, Y R B B, SEIE B A RISl S & ek, AR h =8 7 M5

RAERX U 7 SR, BRI AW E G AT R TG 2 HoRBRER. 5 %6, e S22
BT AL SISO T O B AW 25 ORIE S0 B o B — UM & — AN JGBa ) 1) R DG H R AE AR AR AR
AR, FREARFFTNES . AW SR S AP URHE I — S50k, B e fE RS 2 b MU BN B AR, K
R, T2 AT 5538 5 7 B AR B 2R3 55 o AR R AN AN T T30 4, an g 40 I A2 T & AR — SR 70k
A FRIX BEER R SIS B, B — TR (kK. BhAh, A 1 ORI (R — Sk o) B, B ] o ORTE AR s A2
PRIF AR T AT T SRS OE AR 8] — B0 2 A AR B 9 — R HE R 3 e Bk 1) e et T
AR E BN A s P R PRI 2 O E
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FEARAIE B BARME £ (4) TR LA R A UG AE B AR TT B AR & ke 3.
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1 BIEHIR

GRS N UG AT B AR T 22 AN RIS IA A8 5 bt . N T B AR, A SO 1 e A R AR %
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1.1 EpER
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SRS AN AL R G e X Rt gt B, AE R EIE I 31 B U AR R S A B i BR . AR RS R N G AL A
AT S, A O BT 28 (cGAN). pix2pix! 1 pix2pix HD! 44 15 o FH T A B A% 2 e e 1 25 SR 1) K 40
NG i, PGV F 45 A A ot 0 48 SR 2 1B s 2835 S 1) H A B, AR LA TiE A I A
FUZ. AR B AR AL H AR, GAN 25 5 MBI E I 2545 R, 5 BUE RURRE AR 2 FEMEA FR.
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A5 4% %% (variational autoencoder, VAE)! & — il i £ K AL Bod LR B8 Bk 27 ST B A A5 I s 1A
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B B K.

1.1.3 P HUEA (diffusion model)

PRI 3T A SRAE B A LA S 1 — P AR OB, 55 GAN R [A], I Biome 25 i 32 A0 25 Mk 14 5 0 A= ik
PG B, 37 BT F) AR S ER A5 P AN S B B 1 i 37 st AR Rt i A ot 2, il s X — AN Beb B
T R A] KA, L IE [ S50 A Hh R v B VS I AL, SR 70 i A e R v 2 ST O R, MR S e 2
BT A gt . 3L SO R R RS 4E A ), OB B 6 7 AR B N4 B0 HL B S B 1 B S ATUSR.

18N TR Re A AT AR P GAN BRI 25 AR s R AR AR 22 BEMEAS JE 256 1) R L, 7 OB B 52 7 oy — ol B
BB AR 5 v, AR, B BB A 5 T A7 6 W SR A s, DROA B TR R R R AR ORI A5 2 e, A 43 A it A A
ST, BEAh, B RO I ZRid 2 0 mT BB HE AN AR, 75 R /O T 10 1 268 S ) R )1 25 S0 s S Aff (A 28 1 e
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SEEg AR RS R NRAERT % SMPL Hi%!
2 HHEEFRRT IR A

12,1 YR m s

BONEAEAVE TR RS RN 4 R AR R0R, T A%$ﬁ%%5f@@¢mU§%%Tﬁ
Z, XL R U B AR | 25 AN — 58 B BRI, bhl: BUE. S BIORT . WO, MO IZAS
FORBR T N LARVE, 85 8T g AR ST R IR AR, B e s N RS THE S 1) DeepPosezlkiliJnﬁE
% NEB TS5 11 OpenPose™ Al AlphaPose!™. 4 S5 5 F R 245 (1 77 VR (K0 s A B 92 FLAT T34, AR v
TR R NEASE R, (R H T SRR IR, 75 AR IT R AT 55 A Be A 38 b A A o ise Y 3R 15
45 2 P TG T AE AR 6 — e 20 8 R (O S S O B, [ el T3 R ik A 7 ok S S A B A R
IR, VA X T HLEE A FE R OGRS 2, 0 T AR BOREBY (1 2% 3] A,
122 REZEE

REREF A 4 -G NG RIS B =4 NRRIHL, ARSI A RS R AL T EmFEE M
40515 5 ). DensePose* & IX — WU MR F M HA, 7T LU H7E 5 A B R B v B (BB GRS =
Y NARRERL 2 (0] WLl 5 R ), TUV EARER T A8 2 MRS T 00 5 B A% 2 2 IR ST RO R, B — N SUM% 2 A
MR T — A=, B8 T Z A N E, f a0k TS5 LURSR R G B AL AR, TUV B AT DLd it
T SRS W oK 4 LI i [8] = 4 /) SMIPL (skinned multi-person linear) %Y, 7E AR E ST AL S, 7T DAFS
Bl ORI 78 S T AR SISO 55 R [E] B, {5 A TUV B0 7 23— 5 T H BT 4.
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SMPL AL —Fh 5 T0 &1 S 8000 AN AR, 7T LIS 2 MR ) DA v b s ARS8 7 LAk B3,
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2 BT AMEG IS ki S R R

LN B G AT 55380 45 € PIARE B AMIAN IR A H AR L35, 0, AM 5 L5 2
RiLTTAMARE LS Se AR AL RAMIPT T 1M B, RS BUZAES AL A H . HEm H AL A EIG
77 T T EOR AR, BT B, AR PR BN TR v b o) A RN ) A 25 A0 PR LR IR AE AN RS S R
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:Thc woman in the image is wearing ai
dark blue cardigan witha ... !

TiR LA

KI5 S5 7l  WBERS R SRR A
B3 RZAEHAYEGIER . BURESNHREE

© HFBIERAIEIFIDN  hipsswww. jos. org. en



B F R AR AN BEAINE RBEALRE 1987

2.1 AHI5NIE 2 HIIRER
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BRI HE VRGN AMEE 5, LA 5 A= it A2 o O 405 30 MagicAnimate®™ 3 5K I 52 25 42 I AL B4 HE R R
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2
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(a) FIFH CLIP. VAE ST 55 8 S I B R AE
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GRS N AT 4 43 B DA Bt N B S 3 Al 923 e SR R A R AE (10 435, ok A AR T R 1 ST A
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i) b — SRR, BARME B anER 3 BivR. 3R 4 51 T 34 LAY A S VETE TikTok B4 F ooy, &5 3151
FH SR R AR B SC. AT BAE H, 5 B2 W FR AR ATy R LA B2t A it PR sl AR 1) B .

R3LEEHNDE G AR5 TR AR

e 4R ik BELARHR
L1zl 0B YN TR L ST 0] P 2 5 3R R 7 L1 error
B {5 M LE (PSNR)!' AR EG S B EG 2 A B FUE, A hdB Peak signal-to-noise ratio
SRR S (SSIM)'™ MBERE % HO BRI MK 3 N5 TP A 45 A DL FE Structural similarity index
15 2 SY RGN G AR Ak FET IR B 2 ST (A 5 AR BV B & AR T LPIPS SR B %% Learned perceptual image patch
SR (LPIPS)!'2 5 R kAL similarity

i 82 IS BRI A A SR ) B RS R IR ) 23 A1

1 infH B = i
1) Wassersteinffi & (SWD) 2 [A]ff)Wasserstein i &5

Sliced Wasserstein distance

Fréchet HI4AFERS (FID)"*? 42 pik PG RN 2052 PG 2 6] ) 73 A5 BE B Fréchet inception distance
HORSTEERS (KVD)'PT AR s T 51 5 2SO 51 2 19 f 43 A B Kernel video distance
Fréchet¥AMH BT (FVD)'™ Ak s MATURN 20 SRR 40 A5 2 10 Fr B 1 Fréchet video distance
LA B 7 A B — SO, JLE R TR .
TN R E (ACD)' g‘;g?ﬂzm ASIEF RN B, SRR T RS Average content distance
W AR ZE (WE)' zj/'éﬁﬁfjg?@{% KOG, SR TSR T R 5 T U Warping error
W YRR
Fréchet A PEES (FGD)'™ (7 8 BUSR Y 45 5 A0 B A FE ARG IE 23 18] Hp 1) 290 A7 22 B Fréchet gesture distance
KAy B R AT S B S P ;
Fréchet MR B 85 (FTD)!">” ;?%G;;Eg», JEE B AR R AIE 5 SRR LE R AIE 2 (] Hh Fréchet template distance
WA Fréchet inceptionfF B 17 5 A g MR AR5 3 SRS M < [B] Y 53 A7 BE 25, [ €0 Fréchet inception distance for
(FID-VID)%" £ 78 [E)RAE AN BT [ RFAE. FID-VIDARE, 57 & k4 videos
- Inceptionf 431" i B2 A AR 14 2 R R TR T, A B T R Inception score
R (Div)! T R A 2 0 RS B Diversity
A HTAA™ ke Jo PR B A5 FH TR 25 P R 2 s A AR S 20 0 26 J8 2k, ATk A Top-k clothing attribute
— 5 (AttrRec—k)[“] RN AL retention rate
\ ) MBS H B S TE TR BB Aok REDA:IPS5: .
IR I 23 H (PCR)™ @; E{%;’:?ﬁg R BUERL A N BEFE (LRI H Percentage of correct keypoints
s W I P——————— 5
—Fh PO AR (AKD)' %g%zgﬁii% RO RIT 55 AR AR Average keypoint distance
BRI SZE (MKR)™ S 7 A I B A o 3 0 S S 5 P A5 Missing keypoint rate
T} [ ey T8 3 T SR S M AR ) B TR P R R A AL BE SRV A AR .
éﬁll‘i rl]ﬁ ﬁ ri (FC)[]34] ;Jﬁ EP [3@ HTJ— rEﬂ *ﬁl‘[ﬁ - Frame consistency
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Fe 4 usA b AEGSIE O TE TikTok SR % L (0300

Ly " § Image Video

ik ORI FID,  SSIM{  PSNR} (ng) LPIPS| L1} FID-VID,  FVD|
FOMM [1 85.03 0.648 29.01 0.335 3.61E-04 90.09 366.39
MRAA [79] 54.47 0.672 18.14 0.296 3.21E-04 66.36 284.82
TPSMM [78] 53.78 0.673 18.32 0.299 3.23E-04 72.55 306.17
DreamPose [1] 79.46 0.509 13.19 0.450 6.91E-04 80.51 551.56

MagicPose [34] 25.50 0.752 29.53 0.292 0.81E-04 46.30 —
DisCo [1] 30.75 0.668 29.03 0.292 3.78E-04 59.90 292.80
MagicAnimate [35] 32.09 0.714 29.16 0.239 3.13E-04 21.75 179.07
Animate Anyone [36] — 0.718 29.56 0.285 — — 171.90
Animate Anyone 2 [40] — 0.812 30.82 0.223 — — 144.65

322 FEMIEER

TEL AT H A EEIIIE AT 25 VPG o, B 7 WA EARbR AL, TR st R 5% £ X EEEH. &
R = L8 T P SISk BT A AR AR AL R 5 AR, AT R A PP AR HE FR (4R BR A% BLAT &,
B 5 [ BASE 3 R FH P V143 D7 vk A UG P R S RS HE R M DL R A R B R S SR 4k T, I LA 38 401
IR A )5 B VP AR SR, X R AR 7 SR AR AL — S B R 1A, 1 G 5 1) W AR R RN D

TE SEFR4gAE o, B 5 A BT SR 00 2 PP 7 2 R 30T DA A3 J9 VP 4T o A ik LG B K 288, B ade 8 1A o7
THEWIRHE 2 Fh 2 FE, e T S PE . AR MTER M AR P i ) — ik . B shi stk PR
T # i 1) A P S5 2 U THL.

4 & H

BRI EE IR B AR I 2 AR 5 R I T 2 S A AT R AN, E RIS T
BOWE. MASERG BIILSE R, 52 BEEARGS ST, HRHEARANWHR A A g R PR, 7]
AT PR B U, TR P AR 6 ) [ T AN DT e i ) L 3 5
4.1 EHURZF ST

RERR 2R RSN BRI AR %O B ) 52—, i g B br IR i) 246 8 L35 T s
ANWEG R, BT DA R H3R T B AR IS, [ B AH DG i i AT DA A BRI RRAS SE BT 7515 S I .

M O, P G 2R TR T ) e SR — B8 2 A I AE AR (1) 75 2, (Rl A4 il AR i R, G M2E-
try on Net! =5 AR AT DL i MR 0 A Bs PG 3R, 724 H b A ORAR AR, P 7 87T LAZE 2% 1D gk
FRRA AT . 70 2 o RE LA ) 7 2, A B dn R S 2 A mT e RIS, O 12 H P i s
ANPEAC B T SR, A BAE TR AR T 5 SRR Xt IR 2R (0 v . — 2 vk O g R R IR R (i R AR AT
MO RIRER), R T RO RGN R IE . IO MR I IEFR A B K £, T LA S I 28 AT 6 AT 45 L
FREEZ AN R AE B, Lo an s 28 T HLFF 28 AM A, B R AR I JR 0 28 B + BL 2 SRR, MTTSE 3L BE S )
WG, 1T H AT H % B A e B B TR B ARME AT, AR T BB AR H OOTDiffusion! A
A1 OutfitAnyone! " f B B, 7E 34K o T LASEREAS ) B0, SCHREASTRIAR Y (R 4L A F4 T, RSB T %o o 40 3 3R
REBRME. Hdh OutfitAnyone 3B 7] LAZE & Animate AnyoneP VEIEFEAT LA BB FIrAES. Wit K,
s i USSR Ty I 2 ST B AR IE 2 TR R A AR BB RE A IO H A, Yang 28 N H IR AL T o483 e R B R, Al
DA 28 SR S I A B AT, AT 5 B A D B T T AT b e (8 50 T . AT P i b A, R ADLR 28 B AR T mT AR By
P AT IR RA O 72 o A B B 4, Fang 258 N PR H 7 B 245 BMG 2 18) & O S0 R 81K 3 45 e s R3S
J7ik, MingziE . linkfox 5876 0] L@ 7w R 58 2 BB Z MRS . BRI AT 55 (R IR
HHT B AT AR A R B, AR A ST, RS, R A A DA A I S it B R B AE AN R 3 T AN TR
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PRI 1 B BOR, AT 5 R 3% 3 (I 181 7 Fo 1 RE AL AR R AN — £ R I 52 9. RIS, AR RE MLk

K LR FAL B WO a1 =4 AT .

"
/

.y

(a) HERNRAR N (b) KI5

K7 ROl A N S

42 WSERSRE

LA RBREIVE RS iR IR, A 2R T EQMERIG AR ST AR A T BT AR A 161
W LR IR L BN L R R, BT DA Rl s AU N A B0 CA R AT RS AR A g R, XA BRI T
WBRIE A, IE R EIRTE T BIE B RIGEE MR,

FE) 5 NAEAIME S, T F s IR . BCHR S5 i A BI S BUR, —BERORSR T UM 2 B A i 4 18
157 B J o 2 1), S SR AR RS 2 38 PG A% B B0 5 S 1 110 52 2, {99 QU o il s R A ol e o 1
AT E WA, IAMERE R 2RSS, MimicMotion Al UniAnimate 5545 AR AT LA 5 B A AR 225 2 1 1)
FLH, T DisCo Al BodyROI7 J7 ik il EASEHARAR b 15 5 A AW (T 425, 48 F P Bt S 0B e RO MR AR J R Vs k. [
I, 55 RS i AR ) R — 25, H AR A (B R rh 2 AR R SR 1 R 1) — Sk, SEIE S 2 MO H, At
5 B A AR AR Rt — P KR
43 ZIRTSEEER

LRTERUES G & ST AR, W 2 R AR (Fan: SO B3 IEIRREE) Ba Nk EE,
PR T ARG RN Z R SE AT VE. UPGPT! R — M2 SO AR 27 1) 2 54 HUE AL 30
AT HE AT 55, TR O] A4k 84 52 w4 A . 1 8 U7 VR a0 3G 5 2% 14 ) RIS BB 70, {40 R 2% RE 00 TR U M A 3 H AR i
5 A I 4as, tAR T T HoR 19 5 B . HumanDreamer™ ' WIRE R A2 B 4 SA SCA BI85 (text-to-pose) FlZAF)
LB (pose-to-video) PIRTBL, 3 i SCASH ) A2 il 2 FEALIR RS, FIFE T35 A0 B BT B LA, ok 1 AR 48 7 1 AR A T3
5 SCEEAS I R R A

5 BHASRE

BTN UG S R A T R R A e k5 . S, T . ZARGGUEN IS T %
HERe. SR, 78 SE R ANEE S AR, SRAETEVE 2 R 58 AR IR I BARBRAR. A AR E B R B
Tt R AR RGBT PR IX 3 5 T 2 T e e B i AR e Pk AR,

5.1 fRSREkEK
5.1.1 AMIUE BRI
BT AT 5% R A s 2 2% B AN R, B BARE SN, TBA BARTE 4 N %/ H

© TEBREEGESIEIFEFDT htp/ www. jos. org. cn



1998 HAFFIR 2026 F5F 37 AF 5 A

SFEMEN T, W 7 BoR, BARWT DLAE BT BRI AR, (E R DATE — S () B . 20T b 5E A A R
MISCER. BhAb, K2 BB T S AR B RS S0 R B b 4 B A AR RS B, kB, DU L A5, 2% 5 15 T )
FAP (0 U3 I P it B R RR, BRI AR M T 5 . 75— S B = 4 S BB E BB ST, |
AR S TN AR AT BT AR R e, A el A n) T AR AN B AR SR [FII, E N9 B TEAR AR )
WHEDL T, A B D= A AR W03 A B AR Al A 5.

512 BXRBEAER

— k5 VLI B 1 DeepFashion 451 58— (R R0 S AT I 25, 1050 TR v 52 2% 15 SRR 1ol R 7%,
I RIS SRR LA S B S R ST T AR, TEFRAS I A R B B T AR AR TERRAE AR
R, Ry AR I PR SR AR AR LA A RS B DTS SR ). R EATR R T A R IR B Bl O e (R R 1
23, MEFEZ NZIN. FEAYSE R LS E SRR MBS 3 b, 5 — e
RR M T AR AREE SR 5 R R .

5.1.3 B SER AR

W& BRI EE IR R AT A ol 5 S 7% I R St B 6 S SR 402 oy, B0 A 28 () 0 P 7 A A6 A2 P b
K. WHATZE BRAE AR S5 B B AT HE R, PR AR Y SRR R T SRR (R AT AR AR ) R SRR I S B
Z—.

52 BARLZRES

T 28 A 1) A BB B I B, AR SR I A R e 38 T U B 8 ) (3R AR BUSEBY f ™ i LA B St 44
BEIX 3 AN ) . BRI, AL Be# fR I A BT R AR, 145 33— 0 R HAE s . R R
I~ BIE LR AR 2 i SE B R T 7.

52.1 BRI TE

I8 B A A AR R A R AT IR R ST 17 2 —. B Al, BRTE AR B AW B A A R 5 I 7 TH A7 1R )
PR, 5 1) R TE A AR ATk, T A4 IR B 2538 30 1 B SRR I (497] 20 B Fa A 0 VA R 4 R 4t B8R ) THAR A A2
WA, 75 A AT 77 THI, 200 P2 T P 7 4 P PR s 1) (H8) an T35 P LA B 4 R S S ), I
TR R R Rt . B S AR S B S S O, AR AR T DU AR R S A S A R B A
FURE G BB AE 2. 9140, FIF DensePose S AR SR I = 4 NARKFE, 5 BT 78 A2 i F2 oo i w2 1) 7, J:2E
R E AR LA FIBE. RN, =450 8 F 00 mT GEdE— 5380 A\ P55 3085 2 (81438 B AR B RS 77, X 7R B
2 AR A LA 2 T Y S i 5.

TE R H AL RO, L HRAE S S RS AR, 755Kk H 3. — S5 V0@ i 43 2 A s MR A 20
RN, DL AR O AT SR AR, AN AR BE B Ay FEEE (U 8K) T RIS S Bk BE R 4E T R I, R —
A BBk ER. BRAL, R FE 75 SR T S B N 5 B . A WA A O RS 38 i R AT R e b S AR B S
YRR A L2 BRI TR (32 A R 7, (B IX e 7R A0 B A3 5 P I SERR R AP F5 ik — D FE AR R,

5.2.2 AR RS2 Tk

S A A A AR R AR 1) S o 8 R 8 1) SR B . — . TE R LS R 3 5, R ALt 2 ANk LB 55
A, o AR RO S A A AR R, H R, VR 2 A R B T L RN B A7 7R SR T AR AR, M UK B SR A
IFRAE. 2T AR URAX — o] /R, W] LLSR R 28 VAT Y BT A 5542 A0 v VE, X 287 VA RE B8 G AR D AR I - B
SO, AT R FHHE T S AN R e Ab, S AT TR B R AR AT s ZRAE SR 1 REF, 7T DA 25 4 2 1S AR U
AL, X0 T SR BRI SE N A B St R G
523 ZHAHRERY

AR A A R R S R AR B R T SR R AT e, I S NES . SOARE SRS EEE, 4 TS AT AR
P BRI R . g, PO T B AR S A, AT RS A Bh R R AR A I 4T B R . X P 2 LA
T RAML BT THAE R 25 1 B RE I, 18 N R RAL A & A B3 P 2528 SR At 7 3 1028 B 20, 76 B 2 D, 656
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A B BT F R AUAE S A B T N A AU, 0, S5 S R P AN B A, AT B s A
PEAL I EIUN T 6605 0 L SO SN0 SRR 6. U, FEAL AT IR N B BUE b, AR R A B — 2B A1
WA AR IR TR, B0 A+ B Sh A s A A s & 5 .

6 =ZhFnggit

LN B GAIE AN 9 B 5 T AL e U8 B 27 10, A8 R TR Qe S
HFESE AU T BRI I 7. AR T 58 O AT 55 10 2 A4 Pl 2 55 8 IR 25 UdiR (M 3R T ik, I LA
PRSI OB T MR TAHSSEAR A R IR, 5 (E B ARE SHEM . AT RAAEE ., —EhkHE S
AL R BN ZRAN L, BB 1 A R SR S AR S5 VR HR AR, IR 70 7RG E B AR . Rax i A bl g
THR B SEIN 5 R SRR BRI 04 T IR .
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