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Dynamic Model Routing Based on Collaborative Relationship

WU Jun-Ru, LI Zhe-Tao, WANG Jian-Hui, LIU Zhong-Ren, PANG Yong-Hao, HUANG Ji-Jun
(College of Information Science and Technology, Jinan University, Guangzhou 510632, China)

Abstract: Large language models demonstrate significantly superior performance in reasoning tasks compared to traditional models, yet
still struggle to meet the demands of complex tasks in terms of computational cost and response quality. Against this backdrop, model
interconnection enables the sharing, integration, and complementation of large model capabilities by constructing a collaborative paradigm
among models. The cascade architecture represents a typical form of such collaboration, where multiple large models are organized in a
chain-like sequence to enhance system performance through step-by-step optimization. Routing in model cascades aims to select
appropriate cascade paths and serves as a key factor in improving system capabilities. However, current routing evaluation and selection
methods lack systematic consideration of model collaboration relationships. To address this, this study proposes a dynamic routing method
based on collaboration relationships. It first builds a model collaboration graph through a mutual evaluation mechanism, and then employs
a dynamic collaborative routing algorithm to analyze responses hop by hop and optimize path selection. The mutual evaluation mechanism
uses gradient-based mutual assessment to quantify the quality of pairwise model collaboration. Based on the resulting collaboration quality
information, the dynamic collaborative routing algorithm adopts a model “consensus rule” to analyze each hop’s response and determine
the routing order, thus enabling dynamic path adjustment. Experimental results show that the proposed routing algorithm outperforms both
non-preset and non-targeted routing methods in terms of accuracy and response win rate on benchmark task datasets. On the OMGEval

dataset, the win rate is improved by up to 45% compared to non-preset routing.
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(1) AR AR [ (] S 3R ILABAR Y 38 12 70 I8 (755 Received), A H R AT 1 S MR (O LA AT
TRy AT SE KRR AL A A

(2) RAG 7 B LR (K [o] 52 3R AT HAM I K71 (fIR Received), LA A BAT 5 5 F A ) HE A AT
JS2, ANTT AR AT e A R A B

(3) FVPAM AL : AT o H A R iy H LR 45 T e S0 I (0 Given), FC i Y 5 S M) RS R A 0 25 ) 1) 7 ot
JSE 1, AN T AR A ] HE G RO A

(4) VPR AL AR f LA A R i 85 45 TR (fIR Given), FL i Hy 5 57 W RSS2 1 ) 2 ot
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JEAR, AIVE AT SER ARG A

(5) FAMAERY: 2RI BEFTAR S ARMC AT (K Given BAIK Received), FofirtH ALK AR FIEE R (e 5+
PEXHR), 7 I 8.

Vo 7 S 5 [0 0 & 2 (0] BAPTEE TEAR OCHE, (HF SR BRI R, 2 — AN ) — ARSIy [a] 52 45 AR 7 B,
ARSI SRS R (AR BRHE () 22 5, W RBVR TR SCAREE 1 FRIA MV BLPPAN 4L B2 10 A . X S S5 R
A B 1) 25 W5 B B Y B ) IRIANAEAE B0 S0 B AR PN R B2 AE TR R B [A) 22 e, Y [ A3 SR it Ak
Ti %,

BEXS R M, A — S0 HF 3 D A AE B AT V7 B 38 25 (0 e e A2, BIAEAE — B0 BB 2 e, TRy HUR T
VT = AR AR, ik, #EE M, G ERTRLEE C e C, ot C =(C,,...,Cy). LG VERE TR GRLE AL o5 Y
AN 1) RIERBETIXS M, BITF I3 AL T AR R M, VP4 G dy% X [8); 2) 5RIEBALJE T “ICTTF 20 i 4520 B AL,
B, WAEAE — X FPP 2 (AR AEEL A AN P 88 2 R i Y, BV E — R A s M, #1153 BB T“fiR o
SHEAF B EY. R, HE— B M, BRI Cr e ¢, HR € = €., O, AR TR Y EE G ALk 25 PR
NG AR 1) RIGRETINT M, B PPy b T AR RN M PRI JG dy% (X [8]; 2) 5IE B J& T IR A5 20",
C, A ¢ HMBRLR M, BALIMESC R T REIXT R, RGBSR AL P el C A1 ¢ # U M DG R B
3.3 mESMERBEE

A I B SRR AE BRI AR 5 155 1 5 AN A DL SR AL B AR e 35, DRI T 2R T Sh S % el SR (R ATT 5 75 K.
TRAG 5253 3 TR W v B P A R 30 3% 38 3 R Bk R A 0 7 VR B SR AE A AN I EH 19 A S8 AL B S, T A 15 R A A58
HEoh ) G5 L, PRI B VAL A PR SR AL R A A I SR A i A BEAT (B PPN, FRARAE VRO 45 R kit — A
BRI R — 19 i AR SR Y B Wb E i e S50 08 e R R RS 8] £ B G Ay il i el DR S 2% 1, BRI 5 1 B %
VEIE S a0 RUR SRR, BRI, 125 B B R b SeE AN O T AL, — RIS HIMER REIBE R,
BNASUTARAG LT AR 53— J7 THI 2 2 25 A5 Y ) — i BCRS 0 SEm, E ETY  E— SH T, SITEILER T A R
e, < BUR BRI HE 2 B — TR SR 5 A R i A — BOA W], A AR IR R RN, ik Se AT A
AR (N BY, BT R R AL (0 BY, BAANR WS 2 Por, T4 i R idAE.

(1) 72 B IRHE A A, ARABAT S5 2 28 1 BRI AT i M, (PT DURIEAT 55 28 8L . ) LA i) ook 8 552 PR
e, BT RS IR0 ER), ERAIEHEE vy = M, (x), FFINE B 5 Route. BLIT, Routey = (M}, Route, N
HEATBNEE s BRI (10 S BRI

(2) 58 1 Br B, RS s BEBLRLUN M, 7E28 s+ LBk, BT C AR ARIE AR S5 A% B &, AL BTN, WP B
CINAPAIA R PRANIE T, 241 A AT RO PR T SE AN 2. Judge, RIS A1 ARZE A A]™, <07
REBAINTT. Judge NE EALT T AP — e, BP:

Judge = {(m,v) |me C;,ve{0,1}} (@)

(3) 5 2 BT B, M Judge FRENLIEFE—ANAINTT M, [BIE AR M, AE 9 — 657, BESRAZAR R — 224k
WIS, A Es R T B S S /i

Route,,, = Route, UM, (8)

Ysr1=M;(ys) 9

(4) EELIR (2) MEIR (3), HE (2) " Judge BT Z o H RALE N A ik T (W% th ik 2 2 U8,

(5) &t s Bk B, BABEIRIE y, UL H Route, . TEAGE BATIRSRIITE IL T, A9 SO A 0
RFBEREON o, T IR s <a. 7T LLAK, BTHEEE t1 50502 F IR B IS S & T B IR R S g R 48 TR %
SEpUNER

C5 C M HRERFAERTZE R, C EA TR R R EE BRI R &, T £4+
(RS 0] B R e sh KUK, IR, TR SE 5 FE 4R & ¢ UMHIERI R R 2. i/ ¢ AR R A E.
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Bk 2. S WMERS S,

BN AESS x, PP BT SRR C;
Hrh: B Route, BZAT S M y.

L. /)R

2. WA R K E s=0

3. WAL T 1T 5 M, Route, = (M}

4. yo — M;(x)

5. Judge « C, "I TIXS y FIVEAR

. while Judge TN NT" BRI s < ado

I 1B
M, — BENLIEFE— A AN AR R
Route,, < Route; U M;

10 yop <« My(y,)

11, /758 2 BB

12. Judge < C; qﬂﬂ‘]*ﬁﬂﬁyﬁl HIPEAY

13. end

14. return Route Fll y

6
7
8
9

4 X I

AT 2 LT ) AN TR SCHE R AT 55 (1 S50, AT 42 T 56 IE T B2 6 b 77 V2 1 P .

(1) FERCIR 1) - A8 FF B i 25 v, P T DA [ 2 1) () A AT 400 1) 1 (L AR 238, D) sl R i A
B4, S 1] R [A] 48 3 AN S A R S RS A, AT DA — A 05 [ S G A 2 B A S AR A A A
A TFIBOE I B B SRR A R w5 25 A 5 v R 38 R ) [ 52, JIR [ S0 AR AR ASf P 3. T Ok ) 2 0 3 s
VA R 7 v AR A [ 57 AL [ 520 ) B g .

(2) ORI IR ) A T AR A AR AR AU (B, B2 DTS BRL SCik) IRIIR AR L, T T
B RYLE e UF AR SRS P DA A B S 77 T PRV RE 0 SR e 20 03 A 0 P38 6 7 9250 A5 A 20 AR R 4T 34
R Re .

(3) UM E MR A E WIS T PP AS AL () A A 5 S5 A & e I EL . A8 3R DL K TE B S5 Am k. AN E
DR RE LA 8 7 VA PY R SR EL X 55 J TR R
4.1 BURELIRIFN IR

(1) FewCLUE™: FewCLUE 1% £ MR FAR BT 5, WIRHEROMAES . ARIE S, ZRCAS K.
SCAS UL AT 25 0 35 1 D S B A 5 I 4R A Tt AT LT

(2) OMGEval™; OMGEval & —/MI& 30, ¥EiE MRiE. LT ERBTRAAEX 5 FHE S el 2 5
e, o & Ama il Bt he /IS HEEAE 2 AN 7 1. A SCR o 9 SR AR EA T IR, % OMGEval
(o4t o B3 T 55 =5 KA (GPT-3.5) RILEAE ML, 55 =7 KBRS I Xt bb 2 58 2 5 1 28 pRE -, I reife
SR, fo e i 6 vh A R S M B G

(3) Flames"™": Flames /& H 1 LLM B 5 35 0P 05 0 — A v B P A rh SO vl S 4, 4055 2251 A BEut
itk FLHMERRR, HAp G PR EE S — AN I E 4L (RIAF, 24, El, Atk By,
LR P B0 T8O ] . Flames FO VYAl F6 A 60458 0 35 28 DA S TG 3 004, I DA I £h A Bl ] 2 78 AN B 4
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IR AR BdESE BT InternLM-chat-7B IV 7 88 1H BRI AR, 5 4.5 TAAT EERL K
ToFH 5 B BARTE S 4075

(4) CaLM Lite™": CaLM Lite FI 15 5 B8 X SR HEFL B ) VPA, (08 920 NI H, JLEST T — AN 4 M b4
R A 2 2 BRI H AR (RPVRAAT4) &R (RPN 3R 45 5 B & (RP el U 2 25 2R ) A0 (R ander 4y
BTAS B 45 ) SRR 1 BEEAT 20 AT, FL BRI ORI e U LSRR 1F 5 8. CalM Lite VTSR bR AHERG
R H TERA B2 S IR B2 3 L.

WA, 5 HAE S S0 25 B A5 AR VR ER AR L BT < AR B SRR R R R B AT 55 « N IR TR RN R
WIEBLRYAT g3 2 Ah, BRTFEERRAT N IR RS3H4R (V Bk, B8 % BIE N+ 1A
42 LWBH

ASCAE H AP EALHLEH] A, B2 3 M52 (AL By C), X} FewCLUE ¥E S50 475570 B, 3 A 42 ) i -0
B R, WE B ZH d, =50 BIERER> S5 d, = 50 LRFHRE ER o =3.

2 55256 B8 43 5 4, Baichuan2-7B (Baichuan). Qwen-Plus (Qwen). ERNIE-3.5-8K (ERNIE) bA X
DeepSeek-R1-Distill-Qwen-7B (DS-Qwen). AN R R 2 ZHOBL, YIZREHE S5 F #wm, YERE S M. 3R 2 RR
T SR PR, {question} NEHEELS T HWATE S, {answer) NFAERLP)[E] .

®2 PoniA
PR % PR N

X ARATSS: {question), X ZIEANBERIAT 5C 43 2 R HoARRE T [R1 5 {answer). B IR ZF 0] BEAS IEA, (HIFIRAE R
MR H P —MMEASIE R, FEHITAA, B, CEMPASERME LT, NIEAEEPP. RN 2 2, 1 AN
HADEATE L.

i&ﬁﬁmf’ﬁﬁﬁﬂiﬁ& XS A8 {question), X FIZ: {answer). TERAE RN — A8 FAR % 5K, & URIRIEIE 2 S 4 IR
FUN B B8R BN AT B AN AT, S 75 B A AT Py .

A YMERS B X W (question), XFEEIZ: {answer). WARNEA— MBS L K, 4540k E TR EBIALZEZ. 7R
S BUE IR T T IR ) R et A A SR IR A R A, R 7 A A AT feT P 2.

i

L AR A R

e

43 REEIFLER

PR g R 3 FroR. g BEAL )y Qwen Al ERNIE, = W43 #5004 Baichuan 1 DS-Qwen. HE—25 n] 3%
PP Hm g KA ERNIE A1 Qwen; & 170 H s #5-70 (B 2708 v 170 HARAS 20 (04 4 Baichuan Al DS-
Qwen; (K IF7r HARTS 7> IO TE. W2k oy IBUEE— 2046/, W) DS-Qwen R LAASROGAR T 7> HARAS 70 (A 7.
W dy BB HE— PR, W Baichuan R AR 0P H RS B, b2, ATRGANAT 4 RO BME4L &
(1) Qwen — ERNIE; (2) ERNIE — Qwen; (3) Baichuan — ERNIE; (4) DS-Qwen — ERNIE, Qwen.

Qwen ) N
24

=

. )

PEAN A

ERNIE 1.7

2.6
2.5 .
DS_Qwen . |
Q

wen Baichuan ERNIE DS-Qwen
PP A

K3 BRE PR
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B T RN S 45 R, 9 T AT SRER X L, R E A T R .

(1) Routel: DS-Qwen — ERNIE, Qwen i#% H (WMEL A 454 A4 H 137 i B 50320)

(2) Route2: ERNIE — Qwen it (MMEZLA 454 B h I sh A5 i th H%)

(3) Route3: DS-Qwen — Baichuan (EHMEL & 456 Frie th 307 2% tH 502)

(4) Route4: ERNIE — Baichuan, DS-Qwen (FEHMEL & 45 & BEHLE H 509%)

BEHLEE B AR A T — BT s B R b, BENLIERBEIAY T BT AR 55 1 [0 52 5 PP, HL el 28 1B 26 A )
FEAF BB o.
4.4 OMGEval SEIH4ER
441 M =

BB 55 S MR E PR i R 5 SR 4] 4 BT, Qwen 5 ERNIE AUR LI S0 T HABRERY, i iRk F) 91.3%,
T e 25 MR R AN 36.8%. 8 145 HH S P R X EE 7, Route] % DS-Qwen 578 6 B H 535 (1P RE I 25, 10155 SR
BT 46%. Route2 R AS LI — 12T, X & Y ERNIE 7EZ30E 45 B R ILELL, % UL 348 HAb A A (1) B
EHE. X LEZH A, Route3 X DS-Qwen BIHRAAFE RN BR, (X SEILZT 1% BIFAIEEETE; Routed W 52 B 47 [ 500,
HFEIE R RS T — ERNIE SRS AE(E. S258 3 B, Route3 5 Routed 5 Fh 5elE i R 40 P RE AL 1L = 52 i o3
k. AR DS-Qwen HE/THE5E, Route] Xttt Route3 7EJIEREFH LIRT; 45%, N 3 DRSS EIE 4 215
KH—4L.

90.0
S
=

&

TR/ 1l
Kl 4 OMGEval 484 2 45

442 BEHTED

B 5 ISR SR [ A2 10 5 1 0 R 5 R B, — 20k i eh R B 2 1 TR AT 43 BT, 7 Routel H, DS-Qwen
BRI ST AR R SR I TRE o EEAS SR 30%, 2 I ShAS it B SRV HBE 70% RIS EAT 1 iR Ak, AL FE 3 HE SRl
SEPE, PN 1 U AR BRI A B ME SR, 7E Route2 o, [K] ERNIE SR M GE 200 IR, Qwen 2 5 A%
T 10%, BFTEL 2 IR K 3 IR G5 5 LFAFAE. Route3 [ FME R 2K, Baichuan #2742 b5 CH r] 208 ANt 255 1%
P& B AE ALY M N 25 il R, ot R AR TH A DTRR M 55, Routed [IBAAL M SLVEAEAE R PR, B BHALEE i S5 Ak
KR HIRAEN (5 Routed 127 65%), {HFIERZ 52 AL, e TR 7 A2 S B ook, i 234 1% 1)
B SRR, P th AR R SR AR e ), T BRI RAR R SR G 18 4 51 5 Mg R, i
g, MER R G MERRY R s TR 1, IXARAIE T B8 P2 B4 — 58 IR 8 1, T4 “fid 8 IR AR B8 R A% AT 2K
FRTHEARRIL. Hk, E I EA S A ek B S WA S AT It e, ZEAEIMELALE h, BRI IME SRR AR, iR,
S A UL 5B, P iR T VAR BIRER B ORHR /0 7E 3 IRT-ER LA, UEIZOT iR AE SEER o T2 L TSR
4.5 Flames SLI4ER

Flames 1¥/3 7> KA MR R 3 € LW BN (nze etk SiEVESSYE D), XEIT R Z 4T 1-3 7p A0
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4%. Flames " FI G5 Z AR IR 2 4 H (0] 52 R 3R e i 22 55 4% (VP43=3) A3 15 LE; Flames 9 1 E 35 40 BUHR 102 %
HEFEVE A2 M 0 — 0B I 5AE (M % 0-100 (X JH)). FERI %) Flames (% 3561 ZE 100 FLAPY, LLE E4E4:
B (A THTAL 23 9% 7. 5 9% Flames BRIl &1 LL A FIH InternLM-chat-7B SEILPE4r 0 2R 28 (04075, 15 5%
Flames %3742 3k B,

— T 1R 2R T 3T

2 (%)

Routel Route2 Route3 Route4
%
Bl5 OMGEval ZE4EHE HI1E L

®3 1EHE
Bt LR Wi
3 IR SRR AR T Rk BB 6 T RAALE, A2 R P 350 XU
2 RIREAA] BETEi R fa 3 B S A AT SR, AT I8 A — 5 FA KU
1 RIERIE A AT AN A EANERE N A2, AN ™ B
3
1

AT, A i

KRR SR TR i ARV B R AT O, TR 48k A A T ARk s i e AT 9 B A

o
SIAtE. SRR OB 7 B o Y B MR T A7, S0t T DB v M M B A A 0 4 2

451 IEFH

W5 S 6 ftas, A EEY 5 #K B HEBE7E Flames JG735 S48 Hr L RIMH A B EEE. Bk, Braiial s %
PHETF 0.5 (BRMEAN 1), HIR, Qwen BRIIEBHEME . AV R BIRARY 3 AN LRI B BRI Fe Rl (e
TEEE R, BV RS LT IR, 8 R B IE 20% LA . 7F Routel 7, DS-Qwen TEEHE (R4 4E 5 50 LE 150%
PETF, Aok B B AR 25 tH1X 4 30%. Route2 BT+ ERNIE #5522 4P (+18%) BB (+2%) K EHE R
(+22%), (HEVEVEYE S I 3% BB, By 2 BEAY B3 6 S BUR N 17 K R WG N, /-8 T 0 e E It N AR =
1, TS 25 [ 53 5 Bt A o 1R (R PR IR, Route3 5 DS-Qwen SRS 1t i 52 45 B4, 1UE B 1% % B S W& 0[] 42 76 1
i, (AT 4G 0 H B SO R A B SO I 0. AH T HoAh 2% B SR 3, Routed MIEFRILA Z 1. Routed ~F35) FE(K
7 ERNIE #8Y 7% (1R,
452 IEESH

ToHHE UVE 3 M &, M0 H A 40T ASGHE SR B &S0 500 [0l 546 Sl Bk s gt 45 5. 18] 6 #8757 Routel
FI| Route4 HIGTH 73 H05 J0 5 28 (1 IEAH G M, RIJG 35 28 1 v (AR 284 /% el A A 2 30t MR i (R B 55 70 3. BRItk 3 23 [
T A PN I S AE A & 4551 Route3 5 Routed HITEE 24, W70 H S BB R MERE PR T BRIN. T
Route3 [ITEE /15 #4587 DS-Qwen 23 5e & E S, T4k 704 B S NS SR — SR AR A
Routed TEXUIE AR _F R B, BRI A3 51 5 90 R IR 5.
453 HHER

BETHE 78BS 5E0E, BT Route3 Z4h, HALHA KL B E | IRF G4 H. 7F Routel 1, il
50% [EIE L 1 T2 AL, SRR R 5 ELAY 2 10%, Hoim R B[R 2 ok £ 0 i Hea i% th43 AL AL 58 . Route2
HHELRE (Z) 80%) 5 1 KT H (21 20%) ELBIREF R SE, Qwen AR —ERIS ST, fEUMER R IERILIE.
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Route3 FITMEBIT-#4 T W%, Baichuan HAI7E Route3 H {115 5 R, B E FI0 35 01 2 B8 ) i 2B %
75 DS-Qwen R ZE RGN TR 1 85, & 1 L8 Baichuan B X DS-Qwen 5 2 [ 5 45 B4 7 43 45 e, HAIE sk
TP 3 HON T S bR MR RE RIS . Routed JLFAAFE B (£ 60%) 5 1 KT (£ 40%) PIFpTE AL, H 11K
T8 DS-Qwen BRI T B, 1% F I B ¢ R A VT O -5 B AT 2 (6 451205 ol 2 0 R AR B 8 R I 4.

FENE e e .
80
Qwen FHUEE] Qwen
75
Baichuan SUEE 0.39 Baichuan 20
¥ DS-Qwen - 0.15  0.037 0.11 4% DS-Qwen 4 65 =
S e &
& = #2
#E  Routel 0.047 #Z  Routel 60 1R
- 55
Route2 1 0.47 0.43 0.45 Route2
=50
Route3 - 0.15 0.037 0.36 Route3
-0.1 - 45
N % i EEM AR BEE R AN At TEENE VA BRI
IR DAY
(a) LHZHE (b) TLH L

K6 Flames Hdf L HERELHE D BLR

[8]42 5 EE (%)

10 +
51
0 0
Routel Route2 Route3 Routed Routel Route2 Route3 Route4 Routel Route2 Route3 Routed
% % H 6 H
(a) 3 ALEE (b) 135 F2 [ (c) 1393 A3

— T R 2K mm KT B
B 7 Flames #5450 = 40 F0U% & L

A 6 5 7 BISERTN, MELLA 454 AT 0 sh 78 B th BV RE RS R RN IE S R M E S R
I, [ET S GR R 2 1 % B, 7R AT 55 PR BB CRIE T R R RE. Hoh, Route2 IBTE 2 AN br 1WA B AL F Fo At B
FH, PR e S vE AT CASEIAR T 1) 2 ) b ik, tH AT DAZER TR M e A — B AR T SR 2 A
4.6 CaLM Lite SLIH 45 R
4.6.1 HEWZR

CalLM Lite #ERf 245 K005 30K 8 Fraw, S84/ 2% i IRHE R 2R AL 7E 50%-60% [X T8 Y (H % 11.8%). Routel #E
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37 DS-Qwen 7 [l G AER R, FLEBAHLE 61.7%, 2B B4R 2. /£ Route2 #, ERNIE #M &b )5
HERf I K 2.5%, F B EEIE Qwen B, il it Routel A1 Route2 M4k, DS-Qwen %! 5 ERNIE #% [) [a] & i
FKik—5 BT, BEZEE— 545/, Route3 AR AEHR 5 DS-Qwen AT [ [0 & #ERA R, 357 K #£ T Baichuan
B SR 20N 49.3%, PEREEEHE (R K. Routed PRI FH BENLES th 77 20, 2350 thsk Z £H 5 1. Routed B [F] B [X]
BEALMEZE 1 E 53 s, 49 5 50 ERNIE AR AERR 2 T B%. 2 /MR 53R I, 12 SR AR AE 3 R Re AL, B
PES RICGEYERE 5 TS 5 R A KR, B853S (RIS PR i 2 55 FISERas (R TERE S T2
5 R, Routel 5 Route2 K 44b T A4S 51 25 45, 1 Route3 5 Routed NI = HEALT ZEA.
462 BRHITENL

& 9 @ —B X T H I S 5B AT, SRS 1 IRTBRR SR FTE B e 0 = S AL A T
HABEIR 4R, &% KHIZE4L—J5 I % T Route3 ' Baichuan B2 5L ET), (HIX 8L KA R IE A 25, [
{758 DS-Qwen MIHERAZR R & T K 6%. 5 —J5 T, Routed H ik AL &S 2R, 3 IR X ILZE Routed
H. 1T Baichuan #5Y5 DS-Qwen B2 B AT X 77 AT A /EBLZUAE b, PRIG HE B 3 R 2 B se b L I 1% 0.
& KR AT e 4E T Baichuan #5755 DS-Qwen fE1Z 854 ERIMHBRMHEREZ R, SUE = AR E L, 2
% HIREZE T, 2T DA T M R 22 57 (R 3R RE DR A MBE B A By 5 = A 1 )R £, Routed (R ISR AN ERAR, &%
A8 5K 9 Kt di R s, JEEr A SR A S AR IR A B B i, RA BV EIMER R EMAE AR
TR A JIM A, L, AR YME T 26 T T FE

100
100 — AR e 10T 2R G wm 3T
80
E\i 60 | 584 61.1 60.0 | 61.7 60.9 546 550 g0 |
‘B\a» ~_
E 40 ;:
20 + =
0
%\Q’ LSS &é\ RIN 6@?‘
& @ &a@ %,O— ¥R T RS
RN Routel Route2 Route3 Route4
RERY/ % H % i
{8 CaLM Lite HCHR4EHE M % 5L U0 45 9 CalM Lite St i it

4.7 FERESH

M3 AN HAR B S 25 TR LU HY, Routel 5 Route2 76K 2 HUE I FIRELE 3 KT 8% LA 58 B th. SR,
204950 1) B B D B 2 I 3 R BB, O B ) FL AR RO 1 AN A, AR T AR SRR HH ) MO LR &5 45 3 K
K bR SEms, 57— 2B LRI UE S M. BRI, FEANBEE B USIGR R RORTSR T, AT T S R R e £ T8
W2 R, BENLIE RS A AR ALK, AT 5 A SO IR REAT X0 b, SR04 SRR 4 A1 S o, 2P Flames
FoFHHR LUK Flames 6 F 73 $00 %2 2 45 FORAHCT K.

FE3R 4 Ji7n 1) Routel SES 1, fHTHI4AKA DS-Qwen #E OMGEval F 1RSI MBI, B BB, 11t
FREFETET. JRIM, £ Flames 8 b5 ERILBENHOR, REFEIU IR H3RTHE S, 0E—E TEH A LS. /£ CaLM
Lite =, #ERf AR BEE T B3 MR AIHR T, £ b & T RO T8 B {H, BB BB T % CBGsE— B 3 o Hh L RER
b, % 5 IR T Route2 ISLBa 45 K. %45 KL W] Route2 HE44 ol & BT B 5L, /£ OMGEval _F AL BEWS {745
RLASSE. SR, HAE Flames 55 _EFIFERILE AR E M, HAE CaLM Lite #EfH I, th I T Routel HI“Y T
Ja RS, 28 BRI, A SN BYCEILE B2 1F R, DUE R I 6] T B8 8, F RO T BRI 5 < B YRSl
1 45 5 3 BB BRSO 2 O PERER B B0, R 4 SRl rha] S CENE BLAE CalM Lite ERIRILS BN
H T B R, SR, T dE AL, SSRGS T 38 e AR 50 i UK P T BSAT S (8, 3 4k 3B LA PAY i
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2560 HAFFIR 2026 F5F 37 A% 6 &

EH o b A D), AT B T BORUAR. hAb, 7E3% 4 53 5 H1 1 Flames 55 CaLM Lite 45 51032 05, {47 S b 389 in 5 2% 4k
B A —E R e e, HAETHIR B TRAFAE W R 1 L BR.
F 4 FEEE o MEZIH (Routel)
FHIRE  OMGEvallk% (%)  Flames TE % (%)  Flames THE /4L CaLM LitedfEffiZ (%)

a=1 59.7 27.5 61.50 60.7
a=2 69.8 27.6 61.90 61.7
a=3 753 27.9 61.93 61.9
a=4 79.6 273 61.25 61.0
a=5 79.6 253 60.16 60.1
a=6 80.5 27.5 61.50 60.1

K5 FEEIRE o M50 (Route2)
FHEKE  OMGEvallli% (%) Flames T3 (%)  Flames TLEHEL  CaLM LitedEffi % (%)

a=1 90.5 31.0 64.05 589
a=2 90.0 32.6 65.06 59.1
a=3 90.7 32.0 64.34 59.7
a=4 91.0 32.1 64.37 59.9
a=5 91.4 31.4 64.21 59.2
a=6 91.8 33.2 65.17 58.6

5 RESRE

N T ARSI BRI o SR PR SRS . % RS 2 (] PR A LS M R e e P R R RO, AR SCHE R IR AR
TH 7 — P T U R R AR S AR B b U5k, 205 S AR AL LR s 2 U F B el S0, AP AR AL A
PR DRSNS, AR B B S5 R b a2l M E R R A5 R, 9B MR BE AR B M R Bl UMERR di 55
BN BE— SRR R AR, BB R Ry 2, B AR 0 R b P xt 24 i th 45 SRSt & 45
R L KR SR A SRR WA ST SR SR A R TP B S [ RS R R A AR SRR IE SR T o B AR
MZH5ERE. SHCSBEMIMERREREE, 50 IRAR b1 50 LB IRAE T BIEAE I E B R LR 209 i
S EE R AT, K2 R iR P 2 L B AT 455K, HRAL T BEALBEE (K B% R Ut B REORIIERAY P9 1A B .

it SR AR T (8] U 5 R, A SO B SIN T S5 PR DM IR, A BY T HESh A R GE AR B[R] 1
J3E S o AR A AR Bl 7 2 L SIS AR i d AL, ASCSRBL T B R AR (4% R S RIG LG, N R S
M RAE R AT 55 SR T IR E O T AT BORBR 2. fEARSR AR b, wT BLE— PR R 2 B P E R R 3 &
TEALHLE], SRR . SR A IR G54 T B B R 5 RIS 25 R8 SN P PR 55 R U R BLVR Al 1 S LA AL
i, DLER T e SR PO K] 1 N
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