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Event Coreference Resolution Method Enhanced by External Knowledge

XU Sheng, LI Pei-Feng, ZHU Qiao-Ming
(School of Computer Science & Technology, Soochow University, Suzhou 215006, China)

Abstract: The diversity and complexity of linguistic expressions often lead to event coreference relations being reflected as latent
correlations between event mentions. Existing methods predominantly rely on semantic similarity computations based on internal event
features, such as triggers and arguments, which limits their ability to address such latent correlations effectively. To overcome this
limitation, an external knowledge-enhanced event coreference resolution method is proposed. This approach leverages large language
models (LLMs) to generate external knowledge related to coreference, encompassing discourse coherence, logical relationships, and
common sense background knowledge. First, the ultra-large language model ChatGPT is utilized to construct training data enriched with
external knowledge. Next, foundational LLMs like FlanT5 are fine-tuned on this data to acquire the ability to generate coreference-related
external knowledge. Finally, the fine-tuned LLM generates document-level event summaries and chain-of-thought (CoT) style coreference
reasoning paths. By integrating internal event features with external knowledge, the proposed method effectively identifies event
coreference. Experimental results on the KBP dataset demonstrate that the proposed method outperforms previous state-of-the-art baselines.

Key words: event coreference resolution; external knowledge; instruction tuning; chain-of-thought (CoT); large language model (LLM)
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SZWTHE. OXH 44 T T o5 F 28 B0 (ZE 00 BIIE R 6 R 22 % (0 {32 50 - BRI /R ), 0, TG (UE ) 0p S, (P78
LY g AR IO A TRAT, ELIE A IR (2} 0 (P S EEELY .

FEBI 1 BRI oh, SRR (ev]) FI<BER (ev3) ik, #AR 1Bk 95 [ 1 2 S, 7EM fRILIR 2
5 3 T A AR IR 2 W ON B R — A e I VA TR0 A3 A R 0 % AR A 5, BI28 % [yl
R A 22 % RO AR 7E_EAS H R T — A S b, BRI, SRR Y AR Al 0 e 0 P A AR LA R £ RO
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B LI LA 3] 7l i T TR A A SORDARE « 8 T0 T 5 P S SR I T2 o 1), ok £ 5 J2 el
22 2% 77 VE N TE I8 BRI 28 (CNN)L FE PR 4% (RNN) 2555 0 25 SR A5 R G RN ) TR BN, BONGRIVE . A0 R
A AR A B T U1 SR 4Rk, B BERT 25 K MURL T 258 S MR B, F 0% — @i 51
SpanBERT. Longformer 25 8 i 2 o0 2% 65 780 et 3 - fih 3] 0 St 2o U2, 33— 7 T sk 16 o3 BN
PRGN, Bt 1 R R 4 A 7 SO 3RS T R S A S R R TR L

(R, F T8 5 IR 2 REVE R J8 b, SRR A7 72 2R 2 REVE R BB ] a0 21388 o R 7R MR AR
[7 75 T B b TR A SR A 2 T A4 J, DR B 6 0 S ot T R R T 25 AR K i B R Serh i LA
LRALIIZR. BEAh, BT AR RN A S AW I B FTE T, I B2 AR T/ — e T %
T RS 22 AR K, BRI SRR B T A A A B & AR NR oS B FE B 1 ORI T, S
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R, PR A TR RN bR SO T 038 SORABLEE #RARAR, T8 3o 51 32 48 5% R 03, Bk vl LAAS B2 -2 -3
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Former Pakistani dancing girl commits suicide 12 years after A7 3 iﬂ%ﬁﬁiﬁ%ﬂ‘fﬁﬁ@{ﬁ}mﬁﬁﬁ
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targeted the Nawab village on the border with Afghanistan. 1T TP .
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JE X TAR S T S AR T MR PR R, (H e IERAUAIE TR A« 1R eSS RS 27 B A Ok
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FAF AR 5 RS SRS SN AR R, A DBCTAER R 1 9 NN AIR B SL HR i 77 k. il
Choubey % A V3@ 1 15 HH 2 S0 51 NG 3580 B 1 S ok S AP 2 ) 0 S A B S SR 4 A A 5 5 4R
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N POVRE S A B TR N A TR, AR R IR RO GPT-3 AR AU I 2 o B F R AR AE FAF
i J5 FAR A (U BE 77, 3505 K A R I 5 SR Dy A0 0 IR N AT 4 2840 B AR 3648 (B %07 — J7 TR T
BRVEEHE, A RENS AL RN S B [ 5 BRI R R 1 53— O TCRE H R AR IR E 9B M A FIRFHE, ORI A% G
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TR SRR AT 55 4 — AN SE TR ZS ) /8, SR 538 FH TRV G 2 0 5595 5 #2452k (masked language modeling
head) SR T 3E 783X S48 AR 1T (2) JE T AT (prefix prompt) (942 BB RY, Hop oMy a3 Br e 51 S5 B aT
BTN, SRIG K FOE N B A R AL v 4k B2 AR 1S BRI SR, BAT 55 4 g — AN SCAR A I R 5] 0 KA 5 A B v
R | F 3% 3] (in-context learning) 43 A RIa i 44 60, & A1 55 HE R AR B 10 £ 7 2R 51 S B A i A B b H
R, #8015 R AU 7T th 22008 F AR /R BAR R A B A4 i 4 Se R IR 0 YL SfAoe R D Sl e
F R 5% R U VLR YR FE S Bl Lu 25 N OB T GE— SRR S AE IROE SR, 1 il i 5 F il EUE
SRR, KRR FHEEME BHIUL S RS — SRR IR, MG IS TR BRI R 5] AR Y 2
STEEARS5 AR, Dai S5 N YR H T —Fak R 4R R 7 1%, AEER IR 1 LB OO A SR8 TR 3k e
TEZ N8 AR 765 b SC 2 ) (A8 L, AR S st T B 5 ] R U 4 R S A A A . Ma 25 N I N TR
o R B A A 10 oA U 4 S R AR TR 1) A, R i T T L ) A A DS A 1SR 5 S B AR g — A
XTI TTSCA. B R, I TAE R 25T N LR (schema) 12 FH B B Hef th 25 2R, R AR AL FRHIEL B A
AT ELHE R 1T BAE 5%, S LA AR 4 WU H AR B 1) 4 3 R

Rk, T 42 R R AR e S AT S B PR R, BT 8 53R 1 Tl 4k %% (chain-of-thought, CoT) #2725 S 4 A ™ i
AT S5 3 RN 2 A TALFAR VR IRR R B KB SR LG V). 5 1 F X BEF T RIERT SR IERA
W, MYt SRR R I — R 5 d [ HE S AR, BRI AT AR 9 2 — PR IR I B R S0 2] a4 ok — L5 4l
BT B TR 2 T 3 T MR SRR B 1 515 B4, Nguyen %5 N PR B E SR & BARAT 55 A R R R
F HURDRLBE AT 25388 5 e P SEARG, B2 8 7 MUK 240 1) JL 48 8% (coarse-to-fine CoT, CoF-CoT) $&7R /714K 58 i
A EN S [ SR VE 55 FRARAT 55, F4 B HURLBE AT 45 B HE A AR (00— 000 SR A B 52 U S PO R FE AT 45 Li S AT
P TR SERSC RAMEU A 3 NP IR SE T SUMASK J7¥2, B 2628 Rl & Sk SRl B SEARTE Lok R 2L,
SR i A R G ZR K LI 1) REKS DG R AR AL 3 i B R, B BESRAR LA T35 1 AP IRAE A SR [ 256 2
A5 BR e ) R DA SR SRR 56 3R AN UK B/ 28 18 38 A L At 2 — MO 2 (0 B2 284 55, AR
FRIUE 5 AL AR Bl AR XU IR L Fa 4R B B AT SR 45 A SR BT R AN AR AR AR Tl

REREGSHEM R TN LSRRI HER R 1, (H 20X e Y (1 i1 25 B A5 2 A oie A AR0sk i) 5 P i)
B, DR B AT E B R A TS AT 45 T RE R ISR, Jeal A it 7t CU 3 0, B4ia FIOKIE & 1AL 58 M5 2 B i S5k
AR AT 55 1A T R L 2 T B AR T OB/ NBEEL. R, B T 4R T F8 A B0 (instruction tuning) BEAR PV, ¥ KI5
BAZY [ RE 1 AR H b, Fo% O AR B T 908U DG (R H8 2 B {8 FH Seq2Seq 453 2K 4% 8 M B 2 21 1 7 sk
VK TE 5 BB i 7 7R 5 40 T S . Waang 25 A PIBREHE 948— 15 M EUHE 42 InstructUTE S 4435 4 S B b
F T3 B g i AR 1t A, Folid W R M FE 2 G a4 SR RN . SRR RAE. FAMEIEE N K
Z PG BT 550 5 3o B AAE 5 AR A A, AR S50 1B AUAR Y FlanT5 A2 58 BUAT 5% IE 45K, A B4
(self-instruct) HIEFEAT I8 A 0 B C& A — P &5 HA 200 5 2ok 51 G 0E 5 A S AN K by, X885 78
Jeid B RTE 5 AL (1101 ChatGPT) A2 piidE 2 BRBEEE, 285 158 A X Lo 4 1 4 O 2R A1 K18 S8, ATEA
AT A HOE S O TR RS SR BN TR & N UT. S2ax P OE I R e, A S B s T KIS = 1 Y
ChatGPT A A & 3L 48 AH S/ AR 48 2408, 285 10128040 18 20 FlanTS SEHARIE 5 B8

2 SMERERIESRAY R RIS R

BT A RS 2 BT AR SRR AN 8 46 B0 D, A ST H T A B RN R 5 (K AR JE 48 W #0515 CorefCoT,
i I E R 5 AR A BRI AR AR AN BRI A IS 2 [A] iE AE R R, TARRAR I 2 o,
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5 RE BN SRAE AL TR B 4k (1 3415 7] R B 2o H ) i 22 AR TR B (inner monologue) SRAR Bk, AT £E3X 2525
R AN SO B A FAR 2 FE LT 5% Bk, MU S 2 AR IR B, R A B R oR
AR RS R AT LGE A B SR BB A X FE S, OF B AR SRR S L P HER
TR AR S 0GR 5 T R B RE 0, DR AR ST AR B KT 5 B RORAR B P 4R A B AR IR s
AR BN K TE 5 B ChatGPT HIILSRHERERE /) 8T ] FlanT5 555 AMHRTE 5B E, DI/ #Uk B Y
FARHERI I A, AR, A SCE BB T S R AL R AT S AR TE SRR, 8 F ChatGPT BRI £ 60 5
FEFA B DL S SRR RN AR 4 S ER B A 285 7R 128008 L4830 FlanTs 53R 58U, 222
BN FAE A RROCRS A B VAL AR XT R B SRR RIR AT RE /0. o) s RO S PR KT8 5 R R AT AR S 3
AP BRI TR RE AU 3L A TR, FE I ZRET BE X T INZREE P 4 — Xk R3] (ev, ev), B S THFRIESRR
515 ChatGPT LR Jyfg — AN A ) A= ple i 22 L L pe Skl (AR3EHR) IO, S8 70 il e th A0 &5 o BL R By
A ER IR AR A AR 2 HHR 4R, 5 18 FZEUR 4R 4R 2 TR FlanTS S5 3LAHCTE 5 A8, 72 T Be: il se
T AR (evy, evy) I NBRIR R B RS F AR, AR IR IAT S04 B AT LR A R A A F A 55, o A ol S8 4 B
KUK FOHEZRLBR AR 45 & FAF N AR AS B AN SN RTR TIAE SR, fom A AS I HE B BR A% b AT H L Fa T 45 2R

FH T SO AR I R LA e (B TR A 2 52 i g A E A e R DR 5 A B A A A A 4 B
AR I TR G5 FEHEAT P BE R 2, AR SRS 2 1 e 38 ) FE 2R A CorefPrompt ) FT0 4 SR v 78 46 1% 18 4 2 1 A%
AHEAT BLHTHN. X CorefPrompt A5 74 Filill 45 1) 73 Hr 2 WY, AL AL X K8 73 il 4 SR A R e M AR E, Hop,
95% S R AT =5 T 0.98, AR BAF LGRS 5%. BLAh, v BAS AR ISR U v e th A0 TR ELA5 B 45
R, RLRZ i ROR AE R R 2R AR AR FEREA. BRI R e R R AR 3 B,

# 3 CorefPrompt BERIA[F] B A5 B TN 25 F B AT LR IR BIPERE (%)

FEAR A Bii ] AE4LiR Macro-F1
mEEE 95 48.3/81.7/60.7 99.4/97.1/98.2 79.4
KB 5 29.3/48.9/36.6 83.7/69.0/75.7 56.1

N T 20 TR LA R A A 5 SRR, AR SR NSRBI Xu 25 N Y H ) SR ORI BLEE 4T 49 2%
FRIEAH U 58 R T — ECHR B G EREAATRISY . 45 RERAR—BUHEARN 5 L& 37.4%, I+ B HFH xR
A RS (R 13.8%/F 12K 18.4%/F1: 15.8%) WA AR T —BFEA (TEMZ: 36.4%/ 8 [HH: 69.2%/F1: 47.7%).
KGR T AR il R 17 18 TeZE SR B E B LU B SR S 3R A — B .

2.1 BLBHIEER
i 2 fis, BB BRI AE SR RS CorefCoT J ik fIAZ O, FE2Y (1N SRAN TN B B #8 Bl S 5 1A S JR 7 F . 7
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A PRICARHE SR SR 70 R SRS R A AN SR AR HE B BR AR 2R B AN 20 B8, — 5 Tl (s A9 2 T LR T3
RYR BT BRI dR, 53— J7 AR mT DL B S A XA (4 3 B 4% 1 AR BRON A0 S, Ok KB =
REEFAF IR MR 55 L RO RE. PP BRIGIRHEZR M BRSSP 3 P,

AR I'[ e

(ev, ev)

AR EAR R 1 SRR R 1_

Please generate a summary for ...ev... The Please explain from multiple perspectives ...ev....ev;...
summary should contain the arguments refer to the same or different events. Text: {ev, sentence;
playing specific roles in ...ev... Summary: ev;summary; ey, sentence; ev, summary } Answer
1 ¥
e A S5 R R AT
FlanT5/LLaMA2 T
---------- 1— = i e 1. Semantic Consistency: ... HIEAEER
! :
1 [ ev, THE e
: : 3 Causal. Relatlor.lsh%p:. SRR
= [ ev, 4. Narrative Continuity: ...
\
-------------------- Overall, ...ev,...ev,...are coreferential
SORYZR A LR P AR AE AR

B3 P BRI LR A HE AL

FARRAL, XT38 D o B HA R XS (evy, ev), W2 BRICIRHESL 1 Jotty i S H i B3R 5] AU A SO
D e U AE R SR AF RO AR ev; T ev; 73 il A2 OS2 B STRS 0 A0 2. AR5, K 00047 2 15 fd 4 4] P £ 1)
AR BEBAE N B8 SR G5 B SR B A 6 es; F es;. i), F 4 SR FAF A TP & BN (es,, es;) FRUGE N
B, SRR LR VR SR 51 S AR A pl B A RS PR R R AT, 5O SRR P B SR AN AR T AL . i T
IR B C AT H] ChatGPT FE 7 A pl () S 475 AN 3L i YR ) Bt xof FE AR 5 B REAT 1 1R, D1 G A T 00 e
B R T NE X S @ 18 4R vT LUis RIS 18 5 5 AT W 20 TR IL R AR 22 1R FE 4.
2.2 EEEMIMBEIRE R

5 P& BT AR R TE 5 R — U D I AR i A L BN SR ST B 7 325 B ANIR, 7T LU — A 2
ARSI RN R 53— J7 A 5RO R SCREAR LTS 5 AR BRRE D, W DLEAE N AR R ERA M /ML A
SCEIEAE ChatGPT AR 43 I SRt L - IR B Atk KA 35 AR ROy S0 2R B R AR SR A B R TR,

FAED IR B AR S SO P IR MG B 518 2] KBP Bl EAR A FAF IR o M SER IR 5 B, A58
T S R T VE R A AR R Py, 919 ChatGPT AL IS H b fish 1] 47 75 G IR 1 T A sk
) RIS AAAT B 2 2 A . (RSB S5 BON seg, W PRl th B seg 5 B ARl ] ev SR T
R AT H BRI R C. = {11, 1) ev € Co, e |C 7R C RARIRAN. SRF L C, bR R % S AL T 1 B seg
IR TG (E B 518 I IE) HMES A, = {a,....an), FoH AL TR A EEGR/D. XFERAR R T B
seg 5 H AR ] ev AR AR A C, FISEAREE G A, R, dn Sk th i 2 A Sk 3t 48, RORE SO K2
IR DA R R K B A T i — P 2 ChatGPT A IS H TN AR, AR B seg kit & 2 ik
RIS C, ISR A, PR IA) TR A B seg’, S5 13 % R BAE BT 0 R SORMBEARERR P,

P, : In the following text, the events [EVENT] ¢, [EVENT],..., [EVENT] f, [EVENT] represent the same
event, please generate a summary of these events. The summary should contain the argument information of the events
[EVENT] ¢, [EVENT],..., [EVENT] # [EVENT], such as {a,....,a,_}. Text: {seg}
Ferp, [EVENT] RRERE FAARIL, ST Am A BIH 7 B seg" ™ LR A R AL E. H1 T-32m P, sl

sum

&5 Bl AR ev MR AIFAHE BIF HPHE T 4N LR 3C seg’, ChatGPT FERY AT DAA: e SR LA Y
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IS, B5, i A 6 5 F AR ev B L0 TR RO B Uik Hh 2 A 1 U 2R,
SHEHE B 25 T 6 7 R S0 48 K1 L0 TR B LA T AR 0 1 4 e R T
ST, A SRR AN PR ChatGPT HUBAE B 2% i Bk MU SE R U RR B Py LMK, X0 T HR
AR TR (ev, ev,), B M E— A5 TR A O 5 0 5 15 0 A AP A SR ) s, s, SR 460 3
AL R ORI A R BRI P
P,

coreferential }. Please concisely explain from multiple perspectives why they refer to {the same event/different events}.

corer - 111 the following text, the two event trigger words [E1S] ev; [E1E] and [E2S] ev; [E2E] are {coreferential/non-
Text: {es;; es;}

H TR Py, B E SR N Z A AR R A 348 (JEILHR) MR R, 1X 23 855 ChatGPT #AAE AL S £
BAHE SRR GBI IR . 5, 1 PR R A AN AR IR DLTRIE A A I ZRFEAR. Ah, BT AR
PEom A AR I 3L 4RAR 22K 51 2 ChatGPT 8L AR sl 8 AH DG AR MR, 3% BT DUAE 35440 4 S AN 7 (1 248 i
K] 2 1) e 37— S — FRO A, AT BB B3 735 & SEHR T B T 45 MU AL SiR%E (structured knowledge base) (8 ),
[F ST 320 B ARG 17 2B A SR B MIR B ) A (BLAE VT B AR A At s A%).

1E12 | ChatGPT HLAUSREN BN S5 A LA X 5% AR R MER IR 2 5, AR SCBAE TR 2 0R BRI bR i i
15, B4 I EEE S5 0 R IFE A BN R $ H 2H A B < instruction, input, output > TR 3 JCAL LK R 4 ERFE
AR, 4325 T ChatGPT BEAY 3 K ¥ SCA IR AN A il RE 7, AR SCA] BAE LA T N EFRiE A1 00 T 3R 18 R &
o o U R

4, A SCTERR A B AR L0 FlanT5 S8l K5 550, 48152 =) B9 S 0] AR B o 40 22 LA R 4 AH 6
AN FIR IS . B TN SR S AL RN V. 5 T 9ahl 83 AL #% (encoder-decoder) &5 1 AR, A SOOI A&

A RN BIHE R x e VTR R (IR R 51, Kt BT v e VT VRN B RS B, AR 38 A RR A 8 2 B
(sequence-to-sequence, Seq2Seq) 1 RALIAM AL Bl & KAL AR (1) Fros B2 AR

POl = [ | iy M

X TS 3% (decoder) G5HIMIBIRL, A SC EEEHHESR & MINRI AR A e B HARF 9 y e V1T VR 12
FRR A B[] 1 35 A R0 R SR A 2, B KA A 5K (2) Do i) S AR

T'+T

pO) = [ [ poily- @)

2 5 30 2 A L 3 A8 AN 2 o B AR i IR D, T —ANREA, SO T KEEAIR (F8 4 ki
AN) ARCFPAK RO 75 (mask) PRI, DM HERR TF SO0 SR b e 0 45 2R 58 SR 5 2k

WA LRI (BB S S 5% I, #5510 0 A G I F0 4 22 DA L Fe HE B B AR ) X
FlanT5 S5 JT JEOBUEE RAE BB HEAT 48 R, A SCRT DK AR B 4 32 40 (i ) 2 ST 7E ARl ok S HAH R i)
SR R R B, AR T R (mutual exclusivity) F85 A0 5 A8 A4 EE B8 738 i 20 S5 48 L5 40k,
2.3 SMEREMIRIESRAVE M4 IR A

FE 58 AR W, BT U2 FIRORE 5 BRI 5 AR AT AR SCHR X 20 BRIG SR HE SR, 3l i Mk oA e
FERNFLAR HE R BR AR IR R Bk, X T AN (ev,, ev), B AR MR ev BRI EILR Py, 5l
FORIE SR A L B8 TS B SR A

P : Please generate a summary for the [ES] ev [EE] event. The summary should contain the arguments playing
specific roles in this [ES] ev [EE] event, such as participants, time, locations, etc. Text: {segment} Summary:
Horh, {segment} K7~ IR SCHHEELR Fr B, [ES] FH [EE] A2 45 10 filt & 8 6 B R RF R AR 1T, A1 2 i A B J5 5.
Jr B DObRiC ik G 0 B SR T, AR 0 4 S ik ] i L R B AR SR A AR DR I SR A ) es. B, K0
SRR AL N (es;, es) VBN LR SCRMBEILIEUNIRIR Peorer, 515 K TE 5 A7 A B8 4555 XU O L 5 HE
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A%

Peorer: Please explain from multiple perspectives why the two event trigger words [E1S] ev; [E1E] and [E2S] ev;
[E2E] in the following text refer to the same or different events. Text: {es;; es;} Answer:
Horb, [E1S]. [E1E] SR FRFR A FAEARIC, EA TR BHE N B 5 - a0 b DR iC il A R AL B il T I8 R0 32
T Poores I T SRR P ML R, BRI B 5 19T 25 A0 2 2 0 A S0 L F 4 B B £

5 EER SR UM FE O A i i) R B U S A A TN ) AU B, AR ST v — T T IR SR R0 o e A
TR FLAR HE PR AR A Bl AN R BEAR T 58 AT 95 WO RE, 53— 77 TG 26 B A8 25 B IXURS AR BE B A2 25 & FA N
FAE SNSRI TN AL A, RS S AF IO ORI S IR R L A T A T T RO B

3 LRGSR

3.1 BIRERIWRE

KT 5O T S AT L, ASCEREE KBP2015 A1 KBP2016> 0 44 | il 25 %), 4R J5 /£ KBP2017
R4 EIEA L. KBP2015 il KBP2016 i S5 L5 817 B SCRY, beik A A 1E 14794 AN SL4R#%E A (1) 22894
AR, KBP2017 WAL 167 5 S0RY, FRiEA /A e 2963 N LHa #4375 NHEHR. 5568100 T1E)
PREF—E, AU H KBP2015 A1 KBP2016 F3m4E 1) 735 % SCRY AT VI 25, 8 F R AR 11 82 s SCRY TS 40
T AR ERIT 4, A SCRASE kBB N 1 CorefNM SEIE P70 I SR 85 BE4T ) AR, T T BE AL AR A6 15 15 f ke
AL, e R T KL 1% HIUIZREE. SEah, S 1 IUAS Y (1 5 A0ad 4, AR SO K I R AT AR B 5 E
# T3R5 ACE2005" ¥t 4 b (M ZE A 545, ACE2005 $ds 84405 599 55 Sk, SR bk KBP $odfs 45 5 ™ 44 (1)
FEFRRE . BRBHSC R B0 T AR P AR SCIRIREAE BT 40 % 37 [ SORS 4 A i R 4 _E VP ABE 70 14 .

FE S AR J5 T, A XL B FlanT5 BOBFN 7B A LLaMA2 BERE g 428, 0f T REA, A
SCHR R 55 AN S R A R | T S T FlanTs B8R K AR 512, X+ T LLaMA2 #AMEE LR
i K BE 2 RIAS T 1024 54 1 BRAR I ZRA5 B (1 T S5 B0 I 8, AR SO AR AR A5 R (low-rank adaptation,
LoRA) Wi/l 255 ¥k, 7 Hig R B LR (quantization technique)®™ B AR N kA28 (¥ 847 5 . 4 T
FlanT5 #5575, LoRA 575 1 4EZ N 16, LoRA 4/ Alpha 5018 32, 3 H R 8 A8 581k, XF T LLaMA2
G QLoRANS 1 )5 B K LoRA V7 /145 % Al LoRA 4 Alpha %04 5135 64 A1 16, I H R 4 i 5%
Tk BAARSTITA K SEIHAE SO 2 0 2 & RTX3090 b HEAT. /N0 FlanT5 #ALYE Ny 16, % LLaMA2
BNy 8 (A BLIE BRL, B HCN 2), VG EH % B Jy 5. M Adam 46285k BB S 54, FlanT5 B8 06] [ )
22 ) RBA 1E-3, LLaMA2 #EY ()5 5] 335 2B-4. REHh, X1 LLaMA2 #5570 2 SO F 28 4k 2 ) 3R H0
2, T# (warmup) Hofl B84 0.03. BT 4L 44F A FH M BEALFD 740 1 B h 42. B FRIE S B R AR E S, I
A8 T S50 R 7572 LoRA IS AY A6 AR SR LA 8 (R I 25745, FlanTs B2 84311 25 —%% (epoch) [
[B) T4 K ZI7E 40 min /245, LLaMA2 BEHY K Z97E 5h /245,

50 TAERR—3, AR Muc”, B, CEAF, il BLANC"ix 4 /MEFR & H F1 400 F31E
(AVG) TR SEAE LTS W AR IERE, R (precision, P). H A1 (recall, R) M F1 73 BURAEAL 2 A% 3481 51
PERE. o, MUC fabri@ i i+ SR R HER 2 . AR F1 B0k P RS, A 3)-A R (5) .

_ IEBRIEMR TR B RO

P, = 100% 3

MUC S T AR SE SR B S
T B A L B

= 100% 4

MU S R R B “

Flyue = 2XPawe X Ry x 100% 3)

Pruc + Ryuce
M B® $845 2 Tk kit 850, AR (62 (8) Fin. Hrh, S, 1 G, 70 F R A5 1 4y th 45 5 b sz
FRFRiE L&A m; LR EE; AE w, — BEL 1N, N KR R R A .
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P Shl, m Gl)‘l, R Sml m Gm,' 6

mp — Sm,. ’ mp — Gm’ ( )
N N

Py = Z WP, Ry = Z WiR,, (7
i=1 i=1
2 X Pgs X Rgs

Flgg= ——— 8

i Pgs + Rgs ( )

CEAF fR bR AEH M i Hh 3SR B S5 AR 3 AR BE 2 1A N7 R, 38 i T S A B 2 1) A AR UL e 35 e DL P 1
WA R TSR AETR A B0 F1 08 % WP A SR SRR SR T ROE I A 5K (9) fa st (10) s, Hh, G,
FORPRIE R SEPRILSREE, S; o Bt (1 N IL 4R 5.

$:(G..S) =|G:n S| )
G5 o 2x|G,n S| o
$:(G;, f)—m (10

CEAF P 22 70 73 [B] 28 56 T ILAR BE X HE 7 s AR AR BLRE (™) JEAT VA, w7 A s (1) FIA R (12)
Bz, 3o, A3 9) FIA 3 (10) BIFIAIALEE BT R Fa AR 7 BRI T 151K 1) CEAF,, FI2ET L3845 1) CEAF.,.
Pcpar = —(P(g*) » Regar = —(P(g*)
D 485.8) >,4GiG)

Fl r 2 X Pcgap X Regar (12)
. Pcear + Regar

LR Tl TR e PR AR A SR FA 2 (B B L4 58 A%, S M X IE i T A A RS 2 R 1A, A1 BLANC 4R FRAE T
SRR [ 25 A i 6 R AR SR R R IRBI I RE, THE TR A 3L (13)-2 0 (15) Fow.

1)

_le.nc] o fc.nc. _ 2XP.XR. (13)
oGl Tt e T PR
NN NN _2XP,XR, P
TN TN, " P+R,
P.+P, R.+R, Fl.+F1,
Pgranc = Te BLANC — ) s FlBLANC = 7 (15)

Horh, €y Rl Cy 43 B R SEBR AR AR RS TI0 H (34 6 REE B, N, A1 N, 43 5 203 S Baob 28 (¥ RSS2 00 L )
JEIFR KRS,
3.2 HikiRR

N T IR F IR AR 75 CorefCoT WA R, AN S8 DA R JE LRI kAT L4

(1) EEF 18 O VT (K S A B4 Huang 1917 S8 B ShARIE B R MBS o HR 4 Bl gk — AN eI BE 4T
oy, SREHEAT 4 3R T 5 R AR AR IR IT 55

(2) AP 2 P45 AT AR 2 Lu&Ng20U", Sa gk — AN B 11 3 LA AR SR Ay e 1) TR AT 254 it 3= A 2,
SR G 12 F G5 KA AR BE AL 37 [RT B 5 pl ik R SRTARGTIN L  R R AN g 31

(3) SEHERIBE A B Lu&Ng21P, BEAE RIS . SEARSEHR M. b iRl . SR SLR . SR
ST S 7 ANAH O ) SR SEARAT 5

(4) Stk A A xR MultiRep!™). S8 78 300 2 A0 51N SCRY 455 BRI 0 3 R4 R I e 4 i A
TR AR TS ORI AN E AT HARU SRR,

(5) Jeit (BE T3 R H AR B 7% CorefPrompt™. 58 ik B 74 FAF L 48 IR AL o I 35 18 &5 BT 45, IF
LA FH RO 25 1] 43 AT AR 2 B R T J2 T (AR G B
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3.3 SLEER

FELAE Y 5K 3 CorefCoT J71%:4E KBP2017 #idi £ B i) I8 i ME R 4 & 4 PR, o, CorefCoT(F)
F CorefCoT(L) 73l Z 7~ f# FH FlanT5 F1 LLaMA2 BBVE A& ZE 1 7 kM. 45 27K CorefCoT J7vkHUAS 1 th3k
LRI E IT I RE. 5 CorefPrompt FEHYAH L, CorefCoT J5 i it 51 N AP AR Bt 1 X S48 SIS 5345
AN — B E (F FE TIN &5 S0, BRIt — P4 s 7 MR, DG LR BER MUC fatsdem T 1.3 NE 4 AL

F 4 FLETY CorefCoT J5i5:7E KBP2017 HdE4E LI TERERIL (%)

o] Pairwise MUC B’ CEAF, BLANC AVG
Huang19 — 35.7 432 40.0 324 36.8
Lu&Ng20 — 37.1 445 40.0 29.9 37.9
Lu&Ng21 — 452 54.7 53.8 382 48.0
MultiRep 41.8/38.5/40.1 46.2 57.4 59.0 2.0 51.2

CorefPrompt 42.1/39.0/40.5 453 57.5 59.9 03 51.3
CorefCoT(F) 40.9/42.0/41.5 46.3 57.3 59.8 24 515
CorefCoT(L)  41.8/40.6/41.2 46.6 57.6 60.1 25 51.7

WIGHE R AR, B T HEERINETAFH LT NE T BR BT, BT USR5k
Lu&Ng20 1 Lu&Ng21 FIPEREERIL T 55 T 0) 7 A AR AT Huang19. IXIE T AU TE VG T XS BA
B R SR, 2 5 1 MultiRep #8858 1 5] B K Bl R SCRS R B R SOfE B DA K SR 2 S Bt — 2D oot
T HM SRR IO RE. 13 T IR H AR K CorefPrompt 5 12 A Bh#R AR H 51N BOFEFE J0R, U T A B g =
FICEELTS T 5 MultiRep BALAH 24 1M 8. X s g FEARUE BT 7 SCRY R R SO ARG B LR SRR B AR TE 44
AR MAT S5 LB R, A SCHR B CorefCoT J7 ¥4 38 3k A Bl SURY 2 T 4147 B2 DA R B 4 ik IXURG F) 1 B 8 42 [/ ef
i T OE BUUSARRHER, IF HaB it 55 2 M 815 FlanT5 &5 24 K15 5 A8 e s A il L8 AH OC AR %R
SRARBI IR, RIHERAG T LG I 2R TR B 4 1) M

9T R e s R RS PR S SRR 1R A R IR, AR SGEFER 5 45 H T MultiRep B8, CorefPrompt 5
B RN AR S5V AE TR 500 TE B 3] PR S s g R 0 i DA R AE A R ] R B8 T A B, MultiRep A58
Al CorefPrompt B A ¥4148 F I8 SCAAR AL E. 3£ 5 o, T8I S8 1R 50 o i AN 25 B8 5 HL 51 N A8 %084
BRI, AR IELEXS CorefPrompt #578 [FK B A5 B 45 AT Ho B il G, 53838 m 1 AR L4800 1 A Bl =&,
TE VR 59 TE A fk & R RO bR Al & 3R] B IR ZR AN IR T 3.2 N E AT B 3.2 AN E A AL

5 VU IERA Ak A A ANRRE fik 1A B SRS T ARV RE (%)

.. TR TE A A 3] Py i 1]
- Pairwise MUC B CEAF, BLANC  AVG Pairwise
MultiRep  72.9/73.8/73.4 723 85.1 822 773 792 66.7/64.4/65.6
CorefPrompt ~ 74.9/74.5/747 738 849 82.2 75.4 79.1  70.9/67.8/69.3
CorefCoT(L)  74.3/77.7/759 749 853 82.8 76.5 799 70.2/71.0/70.6

e A, ST IR AR 2 fr AU FH M, AR SO I 457 B CorefCoT HEAYIT#% Fl TR 5l ACE2005 £X#4EH 1
FARILHE G T AR AR ). 5 KBP 4 B B IR R — 2, A SCIRIBEAAONT 2 1 S A 2 T 25 SR R L1
155 BE RO BEASHEAT 28T . % P& 3 CorefPrompt B2 75 ZK R A H 118 015 B, N T 5560 1 TAE Yao 20231
A Lai 20217 5E4T AP El i, A i3 MultiRep A5 78 fr) 0 45 SR 34k 47 58 T, 23645 SR % 6 i,

SE Ak R, AR SCIERIF ) CorefCoT A ALAE ACE2005 ¥4 _E FAER I T 1R 53R A0 S - SL 8 iR Bl fie
AR PE RS T 24 BT SE AR AR Yao 20231, 7E %) MultiRep A8 MK B A5 2 45 AT G, it &L
FlanT5 & /& LLaMA2 BRAE N 321 CorefCoT RS W] LA B 3L 4R A, 76 AT A JL3R 4865 LIS T 1 GeiE
Th X FAIE BT T ARSI R, B A R A0 5 TR e 1 S A AT SR 2L i R R 2%
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R 6 I E CorefCoT J7¥A1E ACE2005 4 FIPERER I (%)

A MUC B’ CEAF, BLANC AVG

Lai 2021 - - — - 84.0
Yao 2023 79.2 92.4 88.8 86.2 86.6
MultiRep 80.6 92.1 88.5 84.3 86.4
CorefCoT(L) 80.9 92.4 88.9 85.4 86.9
CorefCoT(F) 81.9 92.4 88.6 85.5 87.1

3.4 SLEHHR
3.4.1 PPIRILIBHE AL A Ao

RSB A SCIE R B BA A T R H (20 S AR MERE AR, TE T B BeAN X CorefPrompt A BUAIG B A5 & &5
SHEAT BTN (FEAT50). T AT RORFEFIE AT 2345 VB X SR I 48 T AR KIS 0, A SRR T 1A 8 1 A o A
B! ScoreBERT 1 ScoreRoBE, & A 1§ -5 A 3 7 vEAH R I 2R 4R 3 BLARAT AH R i T 73 #84E. 5 CorefCoT J7ik
37~ % 248N, ScoreBERT BLAYFI ScoreRoBE #5581 S 7E F B o 4 A4 2R (1 = A A 1 455 AR 12 H 79 A fl % 1)
A E, #4512 F BERT/RoBERTa Sif 35 45 A1 & JINU AL ST R0, B o W FAR R R P G 2\ 70 2548 58 I
T A, T VR K B R RE AL A (zero-shot) SEI6 W E T MU RE, A SCIRIEB S 2.3 R THRI LR IR
PEIR Peorer 31 F ChatGPT B2 [F4F A R 245 55 XU I B AR R 01 S A4 345

KT IR, KORFEFIE ] 3 B4 BA B35 M. 258 A KA tH AR YERE AR AT VIR )5, ZE A R A
ScoreBERT F ScoreRoBE 7E 48 FEA IR A L (Coref) HLHU1S T tb CorefPrompt #A 5E 47 (1P RE, F1 1H 2 5 KiETE
F+T 183 ANE 4 A 21.4 ANE 3 a5 EE BT B A AR B Ty SR S 2 (R R AR 32 B, XAt 2
FEXFIEFLFRFEA A FIWT, R S AR A M 8 (Macro-F1) FLEARILFE R A8 (AVG) BT CorefPrompt FH 7L,
ChatGPT FAFE A5 KK BN SO ARANHERE BE 77, AU A A SC3evh i 3L 3R BRI 7S vl AE BAE AR BB T gk xed
JLFRFEA R IR A 2 BT ChatGPT A% &) KILFAF Z A TEBE R, Bk 200 TR A AR A 348, S8
X AESLHRFE A (R M REA A, S A BE AR T /NI CorefPrompt L2 . A% 3L 42 tH ¥ CorefCoT J7 iAW AT H
S YRR UK RIS 5 B (D HESR AR 77, T ELmad Fie A RO AR AR ORGSRV MR S5 T IE T, DR
AL AR Z IR R ChatGPT RIS T E4F (M RE. X de g B i i, )R RCRAE R B FT 40 5 4F v] DA 5| AR R B oG+
FLIBFEAR, (HR 2 TP AL FEFE AR B, BRI A SCHE H PR 20 RS P A S T sk JL 4 VS M e 1R B 22

BT PATRORFERE T 73 48R (S LA R () S IR T AR R E (%)

b P B FEA fIC B A P FH TR A
AVG Coref Non-Coref Macro-F1
CorefPrompt 51.3 13.8/18.4/15.8 74.7/67.4/70.7 433
ScoreBERT 51.2 22.3/72.4/34.1 78.2/28.2/41.5 37.8
ScoreRoBE 51.4 24.2/81.1/37.2 83.6/27.5/41.4 39.3
ChatGPT 51.2 22.5/62.2/33.1 78.4/39.0/52.0 42.6
CorefCoT(L) 51.7 21.7/46.9/29.7 77.4/51.7/62.0 45.8

N T RN 3 A A4 AN HE PR R A A D PR S SR T AR A S R, A ST T B R SESR: (1)
—Summary: B A ED IR, B IR IR Peorer TERUTESS, BEIH735 Hh B N BILAR B T BB 58 A sk
i AR Y ST, T AN P S ) RS 47 Lt B 089 58 SR 55 (2) —CoT: RS BRSLSR HERL AR AL OP IR, B
SRS T 1Y s S A Hh AR 4 R, SEIR S5 R INR 8 Fions.

R 8 LR, HAF B HERL AR A D B IR A A A BB . R R ZOP IR, UL FlanTS
A LLaMA2 1E 91 2] CorefCoT J5 ik AEIIRFEA A L (Coref) #8HBL 1 PEAE T [, JCHZ A B2 5 K T
BT 9.1 ST AN 5.6 AN F 2 . T JE B R AT RE R B DA TISE MSCRS R it S AH OG5 IS, LR 7 i o
FRBRARIN, — 77 T T N A P2 PR ) A B M i A 3] ) £ S R SO AZ R R R, 53— T T X DUSR A T A S
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KB, FEARAE — E R FIR R TIE SR 7 %, Rt 2Bt R AR UL R 5 e A — B A, TR
PRAEE AR A SOP IR G, RIE S AL B T J0VE AR b (B 23 A7 20 BRUR HE 3R R J TR A A — N o0 SRR, (Rlk 5
ScoreBERT Fll ScoreRoBE 45 B4 5L, 52 2 Y ZREUCHE 10 5% o 1 400 ] T- 44 A AR RN R 348, 738 = 3L 48 AR50 3 B
ZR IR [ Bt T B HESLFRFE AR, F1AE S BIKIE FFET 8.4 /NF 40 mif 16.5 AT 43 A, 1E BCE AR BE I T P+

R 8 FEERGHOM TN R AR D BRI AR IR AR RE (%)

o A FEA B 15 FE R AL A
AVG Coref Non-Coref Macro-F1

CorefCoT(F) 51.5 22.9/72.4/34.8 79.5/30.5/44.1 39.5
—Summary 51.4 22.5/63.3/33.2 78.4/37.9/51.1 42.2
—CoT 51.4 23.8/84.7/37.1 83.9/22.7/35.7 36.4
CorefCoT(L) 51.7 21.7/46.9/29.7 77.4/51.7/62.0 45.8
—Summary 51.4 20.9/41.3/27.7 76.8/55.4/64.4 46.0
—CoT 51.4 22.8/70.4/34.4 79.1/32.0/45.5 40.0

3.4.2  AMEBHIAMIR

9T A3 BT ARG S A AR T A B R, AR DL Sl 4 RIS R U I 2 AR R ) A R HE B R AR AT R
5, RIEWEL T CorefCoT J7i%5 CorefPrompt A /EIX BEREAR [V RE 22 5. K5 b, A9 SORE AR B (0 473
FHOCHIR (191 0 =2 28 S 0] B VAR AR GoRk g N iR, & 8B ENIRTE CorefCoT J5 kAR B HEE B 42
1 5 Bk 9 From. A T RN, ARSORilR R e RN E A ST

K9 HREMEEAE CorefCoT(L) JiiEA B HEH B AR 1 1 5 EE (%)

HEOHEE 515 R AE L
B R 97.6
i B0 BT 35.7
R R AR 54.4
IR SR 415
AR 25.0

9 BN, AT RIBS A, SAET T IZ A8 B4 A B AE B R R NI A RO 3, =ik 97.6% K
PR A T B A A A RS R, T AT D F BRI R AR IR S AR SRS AR AR
o PG ARAR G, IX TR AT BNIE T A SC CorefCoT J7 AR i, IR IS 5 A BLE I Fig 2T 22 > 21 T 3R
A LB AE AR EIIR K g

2 & 3| [7] — HEFR B AT vh AT BR AL 22 A R S B ) AR R, DA T 40 AT 18 0 1R 288 R RN K g AR T AR 1 R
W, A SO IR DA R B A 7 SRR AR AT R 23 # ARSI R o A — PO AT (one)s BLETPEAN (two). B 3
& LA L (more). #ETHRECE R4 B8 3 MNFEMIMFEIR (small)s BE 4 4 (medium). 5 5 A& LLE (large).
F 10 BoR TSN T CorefCoT(L) /7755 CorefPrompt A5 E S 44X HF5 1R A1) M g _E RIS EL.

10 TR, KEB - HEHL AR AL & — Fh BB RN EBENIR, B A CorefCoT AIATEX FIAME L T #tdt T
XFSLFRFAEXT IR A, F1ES B ERTT T 20.4 DE 0 58 14.8 NE S s AR IR — P38 A AR 2 a1
JEMEREEN I T R BE, B AR AN AE P S B CorefPrompt A5 7, 33X AT 82 PR AR £ Bl 385 m 41
TRENRE IR B 1 VF 22 F 4 2 (R LE B ORI, 5 1R 0 HA a8 IR 48 4 0 1 (RIS, A3 0 17 s o SRR 110 k) 4t
R T AR I XURSE, DAL UG £ v 73 ] 28 0 [ ) R0 1l 1 VR 28 00 T . ZE SRS AR B T 1D, CorefCoT JTVATE
AR AN IR R P oL E ek ARIR B PR RE, JCHRAE Small 1 Large 5 N HAEX AR R F1H S
SRS T 22.3 ANE AR 20.2 NE S AL SIS AR BB A AR R TT DLNTE £ A BE B S O Bk
P, T B ISR DU R F— iR BB 2 T R, A 2 BN KIS 2 M LR T RedE. Large B E5I N
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BB 2 SRR, SEHR U A B KIER = T 55.7 AN E 4 a8, AHR X 20 R F A ) R 3R,
AT AR IR PR RE (Macro-F1) BL R . 23 LRI, SN A ERIR (9 RAACE AR Sk B #O SR
it FAT AR R, R T 22 1 R R SR AR S th 2 f A AR R O O3 R 2 ) A T LR B R 17 T 0 2

£ 10 ANEIREBAEE T CorefPrompt Al CorefCoT J7¥2: i T4 X Fe 5 IR AIPEBE (%)

- s . 'CorefPrompt ' .CorefCOT(L)
Pairwise Macro-F1 Pairwise Macro-F1

One 423 7.6/10.5/8.8 43.1 19.3/59.6/29.2 46.3
Two 49.9 18.3/22.6/20.2 41.4 30.2/41.7/35.0 50.8
More 7.8 15.4/36.4/21.6 44.5 10.9/45.5/17.5 24.7
Small 17.1 6.3/7.4/6.8 42.1 19.3/59.3/29.1 44.2
Medium 51.6 14.7/21.2/17.4 43.8 18.5/24.2/21.0 47.2
Large 31.3 15.3/18.6/16.8 422 24.6/74.3/37.0 36.1

N T RN BTN EEIRRT CorefCoT T7ARI TR, A% 3G L A8 BRI ZREHE rh A9 SN R IRR AL R Y AR A, fi
PR 5 R 5 IR A il AR B R A b (B 5 AR S . SEIR S SR IR 11 s,

R BERANEFIRE AR R RE (%)

p P FEA I B 15 FE R AL A
AVG Coref Non-Coref Macro-F1
CorefCoT(F) 51.5 22.9/72.4/34.8 79.5/30.5/44.1 39.5
—Knowledge 51.3 22.6/75.0/34.8 79.1/26.9/40.1 374
CorefCoT(L) 51.7 21.7/46.9/29.7 77.4/51.7/62.0 45.8
—Knowledge 51.6 22.5/58.7/32.5 78.2/42.3/54.9 43.7

11 SR, ERRRAMEANRE, UL FlanTS F1 LLaMA2 95 421 CorefCoT J7VATEILIR MM AR F1 4341 (AVG)
FIFEN SR F1 3% (Macro-F1) LSBT HERE T B, BT UIZREAE A A S /MR AR, 154 50 5 B 3Lt K
B AN 2 5] 3 7 AR AR 9 R RE ), TE— B R IR G T SUMTBLEE (¥ 753k, 81 bt ) A o A
AEFAE SCRLRE 53R A — BB B, B0 T RORAE I B8 58 DR LR R AR, SO JE I KAE S A B 2 i i) T4 15
SCBERREAA B G, SRR AR A (5128 B, AT 20 SR 4k 1 B

T HE— B AE AN ER R IR A A R, AR SCIE B S AN CorefCoT(L) 75 2 AE i Fty i B 8% 4% v Jih B HH 40358 5603,
SRR LR INEN 5 3.4.1 TIHI R (0 FE LB ScoreBERT Ml ScoreRoBE H, Pt 1 Hf8 A1 1 i 35 o 524 ik 455 784 (1 5
ma. ELRSRSE, % T ScoreBERT 1 ScoreRoBE FA, A SCTE JFaR%i AN 2 41 F12E i NAE Sl 438 A0, 48 ) Rl R A
F BERT/RoBERTa #84 4i fith Ji5 B HH AL 4 A B AR 10 6T B R AR N AMER AR R, I aie FH— AN TS B ocil & )5
TR AR NSNS E IR TR VE R R IEE N B 23 2888, S0 45 sk 12 Fow.

T2 BANSNEFEIR 5 BRI R T R BE (%)

iy FrEREA I A5 FE F R TR A
AVG Coref Non-Coref Macro-F1
ScoreBERT 51.2 22.3/72.4/34.1 78.2/28.2/41.5 37.8
+CoTPath 51.5 24.3/78.1/37.1 83.1/30.8/45.0 41.0
ScoreRoBE 514 24.2/81.1/37.2 83.6/27.5/41.4 39.3
+CoTPath 51.6 25.0/81.6/38.2 85.2/30.1/44.4 41.4

%12 g R EIR, FUEFHAEXT A ScoreBERT A1 ScoreRoBE FEf# A CorefCoT J7 V245 B ) A8 iR i #
SOHE T FAR LR AR M B, SN EAA F1 80 Macro-F1) 0 B4R E T 3.2 NE DS 2.1 ANE AL THE
ScoreRoBE #5 B 7E @l N A Sl A K0 5, 7E3L48 W R S R B8 (AVG) A0 AR M A8 (Macro-F1) L #EUS
T 5 FlanT5 #BBUAE B 221 CorefCoT(F) VLS ME R, 1X 24 SR 43 I0AIE T A SC 7 VR A2 B AR 0 1R 7E
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I SRR O TH A R T B R R B AR 0 ARG U S S R B A B, AR SCHESR 13 HRROR T — ik
CorefCoT(L) JFiELEGI NAMIBEIR G B EN1& IE CorefPrompt 5 714 U&7 45 5 141 1.

%13 CorefCoT J5i£E 5| NSNS AIVRME IE CorefPrompt #571 FHN 48515 45 H A1 1

P

A2 IR AR R KR

Mickey Mouse {arrested},,| in Disneyland protest.

I’'m going to venture to guess that when this dude joined the
force he never imagined his photo of him {arresting},,, a mouse
would end up in the news!

K SAE I B R B R ST (B A )

%‘Eﬁﬂﬁ%iﬂﬂﬁ’[\%ﬁwu)\%ﬁﬁ)\ﬁﬂ‘, MARAR AR (4} .07 B
R B 2 LH LA o

4. Narrative Continuity: The narrative surrounding both phrases
revolves around the unexpected arrest of a Disney character during
a protest, creating a cohesive storyline that links the two phrases as
part of the same event.

4. BUSEELEPE XAV 0 Ak B 2 3L B 0 5 £ 0 U
1) 2 S JE T, 01 T — L 00 i 245 1 7 A 61 1
[F— SR — 0 B

Apple announced Tuesday that it {hired},,; Angela Ahrendts,
the chief executive of Burberry, the British luxury fashion
company, as a member of its executive team.

.S.I.le will {start},,, working for Apple in the spring.
SRR T AT, (W) o, T 2 A ] AR R
PAT B L RIS TAE I EPAT BB 5.

W5 T4 (TF o 9 T A

3. Causal Relationship: The hiring of Ahrendts is the cause for her
subsequent employment. The act of hiring her directly leads to her
starting work, creating a causal link between the two events.

3 DL 2R Jie A % Bl 0 J R i £ 9 B
PESFTFE T A, AT E PSP (IR T PR 7,

Initial reports said the {assailant},, was a man of North African
appearance, about 30 years old, with a small beard.

Interior Minister Manuel Valls ordered the ({terrorism},,
investigation.

VI RIERR, (il &} 2 — BB T, FRL4 30 ¥, |E
ANV

PG B 555K TR & AT (i 3 30} V.

4. Geopolitical Context: The “assailant” event is localized within
France, specifically in the transport station of La Défense, while the
“terrorism” investigation extends to the broader international
context, including France’s involvement in military interventions in
Africa and the potential threat posed by al-Qaida in the Islamic
Maghreb.

4. WGEGAE B <RI F IR TR E I N, R L L
5 30 ¥ A E kA <R 32 SO A R Bz 1 B R,
AR E 2 5 AR 2 T TS APHT =2 T BAR B M 2H 2R A
FRITERLE .

213 I LSBT el TR SORBLEE 5 3R A — BUT B CorefPrompt 57 14, 1M A< 3C CorefCoT 754 iH

A RGE BT RN FIRE SR

A BB JIR A AR T LGS £ S0 2 TRIVE 7 1A QTR A s 73

I, TR SCHE 7 o6 X e AR A LR PR Bl s T2 12t RS 2 ML, SRAE UM SRR IE R I RERS 5 T8 B <G
ANTFaE TAE 2 TR LE A DR RIBE AR, 35 2 2 WU R I A A S 34 2 1R 348, 110 CorefPrompt %51 5 7341 4
A SCUGPE A AR R gl AR M A7 3 81 I A AR ALURE 2 SRR SRR A

3.4.3 ARSI AR A TE RE

2 18 B BT 1 S AR AR 9T U136 W B2 LA SO 7 1 T AR B At — b T A7 (K LSV A 6, AR S0

SRR ISR AR A O VAR T A IR AR AT 55, PPASEAR ISR WO MESE N Bt A7 7 91 B 51 S JE 4R
fRIERE. 2455 EABUELE InstructUTE )i &, AR S0 St G 56 B 0 LR W ARAE PO I 2 AN Se IR AN AT 55
Fe M a4 BRBE 9 5 51 AR AT 55, AR5 32 PR R I A 48 4 B SR MR DR 35 2R (R T I, P45 R AR 55 06T [
{1 O MR ZRY A R R S0 P 1 TR A AT H 45 R 3 14 o T L AMURIEAE 55 i R T 3K

ARSI CorefCoT VAR A ML FlanT5 BiAYH LLaMA2 B8 BEAT S50, F H 3= T AH 5 1) 2o o 1]
AR FAFICARAR. BARUE, ASCEIRELT 3 P 42 8L B R 18- TR B Rl R TE F B8 (1) R SR
TRIHMATE 25 B35 2 208 (BCR); (2) INIZRERE S & Z R LSS (Bvt), WISSEREME M, oo
FHHCSELE A 3T 7 AN SS: (3) FERTA ST S Lt — B U I SEAAAE %5 (Bvt+Ent), BAFSLABN . Sk
FNTII « SARILIRVH WAL N AOFET 5 NSRS, SRS R AR 15 P,
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® 14 RIS FAAES IR R
1% #or

Please find all entity spans belonging to given categories in the text and output the entity spans and corresponding
SRR types. Categories are facility (FAC), geopolitical entity (GPE), location (LOC), organization (ORG), person (PER).
Output format is “typel: spanl; type2: span2; type3: span3”. Text: {Segment}. Answer:

Please cluster the listed entity spans according to whether they refer to the same entity in the following text. All
SEARILIETHAA spans in the same cluster refer to the same entity. Listed entity spans are “{[ID1]Spanl; [ID2]Span2;...}”. Output
format is “clusterl: {spanl; span2}, cluster2: {span3; span4}, cluster3: {span5; span6}”. Text: {Segment}. Answer:

Please find trigger words expressing the occurrences of specific categories of events and arguments playing specific

IR roles in the events, and output the trigger words and corresponding arguments. Event categories are... Argument
roles are... Output format is “{typel: triggerl, [rolel: argumentl; role2: argument2]}, {type2: trigger2, [role3:
argument3; role4: argument4]}”. Text: {Segment}. Answer:

Please cluster the listed event trigger words according to their argument compatibilities and whether they express the

HpR S gp OccumTences of the same events in the text. All trigger words in the same cluster refer to the same event. Listed event
triggers are “{[ID1]Triggerl; [ID2]Trigger2;...}”. Output format is “clusterl: {triggerl; trigger2}, cluster2:
{trigger3; trigger4}”. Text: {... [ID1]Triggerl... [ID2]Trigger2...}. Answer:

F 15 f AR FEER RS WOR K IE 5 BEUS SO R RE (%)

H 7 g MUC B’ CEAF, BLANC AVG
CorefPrompt - 453 S 59.9 423 51.3
FlanT5 ECR 38.4 55.4 54.0 39.7 46.8
FlanT5 Evt 39.4 55.5 53.0 39.0 46.7
FlanT5 Evt+Ent 39.9 54.8 52.7 40.2 46.9
LLaMA2 ECR 31.1 54.9 522 37.1 438
LLaMA2 Evt 32.1 54.0 51.1 36.5 434
LLaMA2 Evt+Ent 352 53.5 50.6 37.0 44.1

R 1S5 FNEREIR, 57527 SR RAE SRS TR T AT 55 LIS AR, A8 A RIS B E (ECR. Evt.
Evt+Ent) DL AN RIS S50 (i & - A e« SUMARATD &%) 48 TR tH I ORTE 5 BB AR L3R T AR 55 R DL
TR PERE, H 2T/ CorefPrompt #4715 J& l BeA7 P15 I R IR — 7 i, o T FAFRIB D HEIEAHE
PG BRI NE, FAF LA T 8 L SR SRR T A 55 S0 Bkttt 59 — D7 T, SEARAE S5 AL TN ZR Bl i B8 9 O, T
KB T AR S A R BB, B4k, 5 O AT TR Z R 4 2 REVEXHE & TR AL B AT 25
AN, 3R 15 BoR, RGN R SLARAR 55 (K48 & Bl 5, BRI F AR P ERE I B0A W B 008, ZFHESS
BLET (Bvt) B ANERE (AVG) 2R T R IR AL 55 BE O, 55, 5 A3C CorefCoT J7 A4
R, PL LLaMA2 B 15 18 210 7 51 31 i SR Y ) 1k BE ARG T LA FlanT5 SRR 9 SR RRCAS. 3 AT g2 A
AN BA ARG F I R SRR, i T 2R S TR R e A\ AN it B R OR A D AR AT I
5, R A2 B RAA B K. SR e R, ORI AR HESR & SO HE RN 26 5 A AS 2 DASE iR Sk i T
55, IXMIGAIE T AL CorefCoT Tk AEBUR Kl 75 BAILSRHERL RE 7 75 I ) A R b

4 2 %

BEX AR 18 TC AR AR A EE B M AR SRR AN S8 4 A R, A SCHR T AN R A S SR T R
J5 % CorefCoT, ilid iz I K1E F B A BUR FE ST W R AR H R FORREE LR AN AN R K
LA 2 IR AT AERR 28, AT R ARG 0 A B J2 8. 2773 1 S iz DRI 5 B2 ChatGPT it & 40l
FR AN ZREcdE, 285 AE I SRt L 452 Tl FlanT5 SEREAlRTE SRR, fi i IR Ja 0 RTS8 2R o
A B DAL SR BE KRS ISR AR HER B 42, 455 AR A LA B AN AR FIE SR, SKIe 45 2R, CorefCoT
Tkl 5 NS EITRIAS T LE 2 A S 2 A R 2 AR S 4 (R 1 e
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