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protected void forwardReply(AbstractMRListener client, AbstractMRReply r){
((Dcc4PclListener)client).reply((Dcc4PcReply)r);
}

1 Human-written: forward a dcc pcreply to all registered dcc pcinterface listeners.
Hybrid-DeepCom: forward a (UNK) to all registered easydccinterface listeners.
CodePtr-PGN: forward a (UNK) to all registered ecosinterface listeners.

CodePtr: forward a dccdpcreply to all registered nceinterface listeners.

public void addBloatControl(BloatControlFunction bloat_control){
this.bloatControl.add(bloat_control);

}

2 Human-written: set new bloat control function
Hybrid-DeepCom: add a control control to the list of control control list.
CodePtr-PGN: add a control to this control.

CodePtr: adds a bloatcontrolfunction control control to the control list.
public RootPaneNoFrameState(){
super();

3 Human-written: creates a new rootpanenoframestate object.

Hybrid-DeepCom: creates a new (UNK)
CodePtr-PGN: creates a new (UNK) object.
CodePtr: creates a new rootpanenoframestate object.
public Boolean isWhiteLabelWallet(){

return whiteLabelWallet;
}

4 Human-written: gets the value of the whitelabelwallet property.
Hybrid-DeepCom: gets the value of the (UNK) property.
CodePtr-PGN: gets the value of the (UNK) property.

CodePtr: gets the value of the whitelabelwallet property.

public CombinatorialNameGenerator build(final boolean usesMiddles) throws IllegalStateException{
checkState(usesMiddles);
return new CombinatorialNameGenerator(this, usesMiddles);

s }

Human-written: uses the builder to construct a new combinatorialnamegenerator.
Hybrid-DeepCom: creates a new (UNK) with the specified options for this instance of this builder.
CodePtr-PGN: builds the name using the provided builder using the provided builder.
CodePtr: builds the combinatorialnamegenerator with the specified builder builder.
private static boolean CallNonvirtualBooleanMethodV(JNIEnvironment env,
int objJREF,
int classJREF,
int methodID,
Address argAddress) throws Exception{
if (traceJNI)
VM.sysWrite((STR));
RuntimeEntrypoints.checkJNICountDownToGC();
try{
Object obj=env.getINIRef(0bjIREF);
Object returnObj=JNIHelpers.invokeWithVarArg(obj, methodID, argAddress, TypeReference.Boolean, True);
6 return Reflection.unwrapBoolean(returnObj);

catch (Throwable unexpected){
if (traceJNI)
unexpected.printStack Trace(System.err);
env.recordException(unexpected);
return False;
}
}

Human-written: callnonvirtualbooleanmethodv invoke a virtual method that returns a boolean value
Hybrid-DeepCom: (UNK) invoke a virtual method that returns a boolean value

CodePtr-PGN: (UNK) invoke a virtual method that returns a boolean value

CodePtr: callnonvirtualbooleanmethodv invoke a virtual method that returns a boolean value
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Table 4 Examples of generated comment by models (Continued)
TR 4 BUE RIVE R T ()
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PersistentRegistrarimpl(String[] configArgs, LifeCycle lifeCycle) throws Exception{
super(configArgs, null, True, lifeCycle);

Human-written: constructs a non activatable persistentregistrarimpl based on a configuration obtained using the
provided arguments.
Hybrid-DeepCom: create an instance registrar based based on the configuration.
CodePtr-PGN: creates a new instance based on the given arguments.
CodePtr: constructs an activatable persistentregistrarimpl using the provided obtained from the using the provided
configuration.
public Boolean isVirtualICH7MPresent(){
return virtuallCH7MPresent;
}

Human-written: gets the value of the virtualich mpresent property.
Hybrid-DeepCom: returns indicator image data is enabled.
CodePtr-PGN: gets the value of the (UNK) property.

CodePtr: gets the value of the virtualich7mpresent property.
public boolean isSetBonk(){

return this.bonk !=null;

}

Human-written: returns true if field bonk is set has been assigned a value and false otherwise
Hybrid-DeepCom: returns true if field (UNK) is set has been assigned a value and false otherwise
CodePtr-PGN: returns true if field (UNK) is set has been assigned a value and false otherwise
CodePtr: returns true if field bonk is set has been assigned a value and false otherwise
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Fig.6 Attention weights distribution and pge, values of CodePtr when decoding Example 9
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Fig.7 Average score of models under different vocabulary size, the horizontal coordinate indicates the different
vocabulary sizes and the vertical coordinate is the average score of the model on the three evaluation metrics
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X AR T R FE K /N A 30 000 10 %)) 50 000 i, CodePtr [ WM A b Hybrid-DeepCom R B4 BF 56 K 1)
LA, CodePtr N T I ANFaEHA BRI 38N T — /N id 2% T 352 R 0 MR I IRARAD, 3R 5 o it T IR g b oy il
7 YR AR A 1] JEE Hp BRG] H I VR ) 4 AT A . AR R AT LA N 7R 3R] FE K /Ny 50 000 FAE LR, K & IR
5~10 ¥R ) B3] gl AR N 2] 7 3R] B P IX S8 BRI AE K/NR 476 654 I ERAE b B A R B b 4 R B AR A g
SR SR, IR G AT LARRAS bR R S, 51 N KEE 1) M 7S B 6 CodePtr 38 B T BRI s2 .

Table 5 Statistics of occurrences of words in source vocabulary
=5 AT IEACD 1 v R IR g
i JEE K/ REpRYE iR 5 (%) Fit (%) F&

1 203 581 42.71 42.71 273073
2 98 266 20.62 63.33 174 807
3 45974 9.65 72.97 128 833
476 654 4 31737 6.66 79.63 97 096
5~10 56 526 11.86 91.49 40 570
11~100 35975 7.55 99.04 4 595
101~ 4 595 42.27 100 0

4 RESRE

AR SCEF X i 2 B e AR AR AR (1 T A i NS 58 4 DT TC A S 2 38 a3 — A4 NG B0 AT T St 1 e R
T EAREN A M 45 1) CodePtr. 4R J& &1 6 A AR RS 1 B B 3l Az i 5 23385 3k A7 76 1 =3 BIR P, B 3 8 o T vk A
OOV g 1] B, 51 N T F Bl A= B ¢ #2177 CodePtr. S 56 25 J 348 B, Jo 8 A= 1 4% 1) CodePtr 7E°K 2 41
N K BE AL T Hybrid-DeepCom, T CodePtr 7E 236 7 (1) B A 15 L &R A1 T Hybrid-DeepCom, 7F K 2 Btk il Rt F
TeFEEH A 1 R 2% (1) CodePtr.

FERA D TAE T AR EMERACEE 3.4.4 A5 T3 H 10 5 KA BE /N L R AR BLAE 43 B4 1 1] L Bk Ak, %5
R B e 43 AR BT S (R AR D 5 B A7 R 55 22 0 A BT A R A B N il 78 Uk 2 T A% 1 [ B b T A A
TR G55 B2 58 Ah 56 55 3.4.3 T v B B A 4 1 3 4 v b B EE A 1 R, T DA R Al SCHR[46,4 71 B 5 VR D
DY 3
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