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(a) Car image (b) Otsu method for image segmentation (I'H =927
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Abstract . lmage segmentation can be regarded as the problem of 1wo-class pattern classification. How to apply
the maximum likelihood clustering algorithm to image segrientation is discussed in this paper. Simulazed annealing
technology is used to solve the problem of maximum likelihood clustering, which avoids the local optimal solution
of iterative method. Tt shows better image segmentation effect than the famous Otsu algorithm ard iterative
methed with less classification errar than iterative method. .
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