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Table 2 The experiment of single model
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Trained by traditional method® 165, 8
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The method based on [uzzy traing subsct® 1211
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Table 4 The comparison of result before and after self organized learning
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Belore self organized learning®™ 122.1
Alter sell organized learning™ 112. 3
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Table 5 Distance between models before self organized learning
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models opic® 1 ropic 2 topic 3 topic 4 topic 5 topic 6
Madel of topic 1 0.0 12.2 7.9 10. 3 17.5 11. 2
Maodel of topic 2 0.0 14.1 12. 2 10. 5 12,4
Model of wopic 3 0.0 8.9 10. 3 13.2
Model of topic 4 0.0 8. 6 11.3
Model wl topic § 0.0 9.3
Madel of topic 4 e.0
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Table 6 Distance between models after organized learning
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Model of topic 1 0.0 13.7 6.7 16.9 18.6 13.4
Maodel of topic 2 0.0 17.8 15.5 13.1 14.6
Model of wopic 3 L0 10.3 13.2 15,3
Model of topic 1 0.0 11. 3 13.9
Model of 1opic 5 0.0 13,1
Model of topic 6 0.0
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Domain Dependent Language Model Based on Fuzzy Training Subset
CHEN Lang-zhou HUANG Tai-yi

(Institute of Automation  The Chinese Academy of Sciences Beijing  10008C)

Abstract Statistical language model is very important to specch recognition. To a system of special topic,
domain dependent language model is much better than the general model. There are two problems in traditionel
method. (1) The corpus of special topic is not large encugh as general corpus. (2) An article is always related
to more than one topic, but these phenomena have not been considered during the process of model training. In
this paper. Lhe authors try to solve these two problems. They present a new method to organize the corpus—-
the merhad based an fuzzy training subset. And the training of domain dependent models is hased on these fuzzy
subsets. At rhe same time, self organized learning has been introduced in training process to improve the
models® prediction ability. It can improve the performance of models evidently.

Key words Speech recognition., statistical language model, fuzzy. self organized learning.
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