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IF X is Ly; AND Xyis Ly; AND ... AND Xyis Ly; THEN Y=NET;(X:1Xzy. o +Xn)
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Fuzzy Neural Network and Its Applications in Time Series Analysis

ZHOU Chun-guang' ZHANG Bing' LIANG Yan-chun® HU Cheng-quan’ CHANG Di!

Y Department of Computer Science  Jilin University Changchun 130012)
2(Department of Mathematics Jilin University Changechun 1300123

Abstract A new fuzzy neural network model is presented in this paper. In the new rnodei s the fuzzy rules are
generated through the competitive classification of samples without the aid of domain experts. One class of sam-
ples forms a fuzzy rule. The consequent part of each fuzzy rule is a feed forward neural network trained using
the corresponding class of samples. The application of the fuzzy neural network o the analysis of time series is
taken as an example to demonstrate the effectiveness of the fuzzy neural network through the comparison with
the conventional analysis of time series and neural network methods.

Key words Fuzzy neural network, fuzzy system, samples, competitive classification, time series analysis.

FESATFT  http:/ www, jos. org. cn



