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AN ADAPTIVE METHOD FOR PART-OF-SPEECH TAGGING
WANG Ting CHEN Huowang YANG Yi SHI Xiaodong

(Department of Computer Science National University of Defense Technology Changsha 410073)

Abstract In this paper, the authors modified the classical HMM (hidden Markov
model) method so as to train the model whenever the new corpus is introduced and no mat-
ter the corpus is tagged or not. Therefore, the information can be learned from the corpus
to improve the accuracy of the model.
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Class number TP391

© RSB

http:/ Www. jos. org. cn



