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Fig.7 Target information coverage of different methods for data collection
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Fig.10 Target information coverage of different methods for data updating
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Fig.11 F1 values of different methods for data updating
11 ANFEEE B AR Fl1E

N T R EPP S 2 B0ns Bt S0B RCR B2, A SC U T RO LFR 2 48 B AN 1 D1 (o) A
HHHRB)INA) FLAL A T TS AT RS R BT 4k, 20 3l dn 12 R 13 pioss.

1.0+ 1.0+
0.8 08
g o
— 0.6 — 0.6
&3 =~
N 044 N 04
| |
o 02 m 02
0.0 0.0
6 2600 4600 6600 8600 10600 12600 14600 6 2600 4600 6600 SdOO 10600 12600 14600
R R H TR S8
(a) PhtH (b) LFR
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Fig.13 Normalized F1 value with different fusion ratios
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