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Fig.2 User relationship diagram
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Table 1 Fuzzy-C-Means
1 OB c MERAE

Algorithm. Fuzzy-C-Means.

input: User-Relationship matrix. Threshold q. Number of clusters c. Free parameters p;
output: The affiliation matrix of the user and cluster.

1. initialize: t=1, random generate wo

2. Repeat

3.Calculate c cluster centers Cj, je(1,2,...,c);

4. For (j=1, j<=c, j++)

5. Compute cfj;

6. End for

7. For (i=1, i<=n, i++)

8. For (j=1, j<=c, j++)

9. Compute Euclidean distance d(Xi.c});
10. Compute Wi};

11. End for

12. End for

13.Compute cost function J'

14. t++;

15. Until |31 -3t2|<q
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