1000-9825/2001/12(0%9)1405-08 ©>2001 Journal ol Sofrtware &% 4 2 1B Yol. 12, No. 9

ETHBEEAANEEE
AR, 2 R R K RAN

URALAF W RALBES R ST WH  1L0006)
E-mail: cipol@nlplab. com

hip: /7 www, nlplab. com

WE: £k 7T —#2 HH A (ogarithm model, WA M) #13# 7T — 443 3L g 35 8 2 % LM _WSD (word scnse
disambiguation based on logarithm modeld. £33 L § 204 8 R8P M T 4 3 AL B 847 99 5L s, R4 4
MPHEREGHAER A TERRAL HFE $ERA. A ERLETAEL LS AP TR ER
HHM BN BALADHRAARLM WSDELBERATAFHMEN X RNBENF AL GLERE 5 LK)
FAARIED T B,

EE . AL A B ME Y A E TR

hEES XS TFIS XHAFIRE: A

B R AL BE L R ) — 28R MR s DL 19) X A B4 0% (word sense disam-
biguation) 3B THZ ARIETLBRER P AHMN AFELRR. OS2 V8IS
W) 3 BT B A E AT R R BT R 2 B F s M B (qualitative approach) FI B 12 B #Y
77 ik (quantitative approach).

BTEANTEEERAEFAFEEMNRBEENFTASFE LT ChoyE XA, m
F A FEBR & # A (selectional restrietions )" g 8 8 (decision trees) ™) 2% 3 (decision lists )/
FEHCET RN F R BIRE T — %15 5 %8R, 19588 7 % @ 84 (machine-readable dictio-
nary, faj M MRD) . H 1 I 09 3% 88 1] R 3 00 J00 S KL P 0 0 i e 60 9 o R By O 350 1) .

HETERNOTEE T ER MR RSN IE LT AT OSER . S 5 8 A ERE
M35 AR A EE ST Y L 30 NaiveBayes 8.8 B F 2510 F i (class-based approach)t™ VSM (vector
space model ) %% B B 0T L 0 E SO B B E 09 0 8 R R B A TSR B AR R
Fy HF 3 1] 2 .

AR T A BR B (ogarithm model s & F7 LMY, % T 8 g H b 45 1 8038 5 05 191 3
ARTCHFT - FE T 8L E0 3T 5 R A WordNet 33838708 A9 MME. £ L Hohil
KRR A AR T4 TR AT A SO L ARE 4 T AR A o T B A R A e T g
R B) 5L ) A A R A A IR S P R 5 R R B A RN i) i ST U Y B .

+ HCREE A 1999-07-20; fBE B ¥ 2060-05-10
BEWH: MK OARFESFEIM A 6998500105 18 Z0 B A B M 50 % B4R 973 ¥ BHD1 B (G19980305011) ; K R# F
B 19 B BTN B (19990113032
FEET: RWEOI— )L B A ARAE L AES. TR ETE S EELSHE . RANIES AR5 ik
FHAHE—). B ALTEHA ML, FERRAR FECFES 2. USH3 ¥R B OSEM A Fl. TEHFRR
BUABBUE T RIEC93 ) BT HRIN A S B LS. SRR A EE Y. MR TR,

© HEFRES AT http:/ www. jos. org. cn



1405 Sournal of Software  HAHFH 2001,1208)

1 "X B3hiEE
1.1 E&xitiE
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B4 52 P A AL w, Fll v, TE WordNet FREFRI AT IR U3 5) #5380 w) $ w, i8] SLBE & SD
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Fig. 1 Positions of nodes a, 6 and = in the WordNer 12 B UTE 1 Bi7R.

B b, o Word Y = BEAAD,AUHBHE L PHTF A a

Mo VIR o M e Z A BFHEE T BRI K.
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ae—C s
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2y X T afe,
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TLEMT 4 MUK B L EENERER,
Table 1 Experimental resnlr of noun sense disambignation

R BT SOHE TRE R

. ) Number of nouns in the 1es1 corpus® Number of correct sense lables? Correct rate®
Computativoal model™ .
N Ne CR (%3
WSD-1 2 hEd 1 351 50. 3
WisD-2 2 684 1 542 574
WSD-3 2 BE4 2198 81.9
WSD-4 2 684 2274 84.7

O EBBETY LI A v 8 3 190 G E 8 17 SO T DIEB .
RZHNT 4T ER iR L EE S5 2 R

Table 2 Experimental result of verb sense disambiguation

F 2 A U LA R

. . . Number of verbs in the test corpus® MNumber of correct sense lables™ Correct rate™
Computational model™
N Ne CR (%>
WSD-1 950 534 55.9
Wsh-2 358 578 60.2
WsD-3 Y55 744 77.9
WHL-4 955 813 85.1

O EARE QM RER P B8 @ EREFURTE AL O TR E.
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IR, I 2 M 3 R, '
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&0 —4— Computational model & wSD.1
60 / ~—f— Computational mode] WSD-2
40 Computarional model WSD-3
2} 36 Computational mode! WSD-4

0

0 5 10 0
O A AL

Fig. 2 FEffect of length of context 1o noun sense disambiguation
Bl 2 b 30k HE AT 181 R ST I R A
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10 30
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Fig. 3 Effect of length of context ta verh sense disambignarion
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R4 LM WSD O % 57 F 8 F 52 () 3 HL 38 S5 R % QR F 46 b 9080 b L35 17 R 48 BLAE.
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T 0 A SCb T — AR AR I 6 O L BB ROR R R TR MR, SE B b 30 PR TR S BB T LA R
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Logarithm Medel Based Word Sense Disambiguation’
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Abstract . In this paper, a method for automatic word sense disambiguation based on logarithm modei (LM) is
discussed, and a word sense disambiguation system LM_WSD is implemented. In the experiments. four models
are nsed ta word sense disambiguation. Experiments shawed the effect of high-frequency sense. salient words,
specialized field and general usage to noun and verb ward sense disambiguation. Now the system LM_WSD was
applicd in a word-based English-Chinese machine translation system for car [ittings field, and improved che perfor-
mance of the system,

Key words: word sense disambiguation; machine translation; logarithm model; nztural language processiug
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