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Computational Intelligence Approach for Discovering
the Prediction Model of Financial Market
TONG Fu FEI Liang-jun
(Department of Computer Science Shanghai University Shanghai  201800)
Abstract The nature of the stock market data is briefly discussed first. [t lollows a brief discussion on the

naturc of the methodology of computational intelligence and their application perspectives for data mining. An
experimental system for discovering the trend of market price changing and the prediction model from the stock
exchange data records are proposed, in which, the training parameters of a neural network are optimized and
defined by running the genetic algorithm along with the training procedure of the neural network. The ideas of
design and the techniques of implermentation are described in detail in this paper. Taking arbitrary the Shanghai
First Department Store for case study, the experimental results are given finally. .
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