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THE RESULT ORGANIZATION IN
EXPLANATION —BASED LEARNING

Hao Jigang Shi Chunyi

(Department of Computer Science and Technology Tsinghua University Beifing 100084)

Abstract EBL. (explanation — based learning) can be applied to speed up reasoning on
KB (knowledge bases). The match order of the macro rules, learned through EBL, affects
its utility, The authars prove that, when the learned rules are ordered by the ratio of their
probability of successive match to their match cost, from large to small, the overall match
cost is minimal. An ordering algorithm on the learning result of EBL is presented. From
all possible orders of training examples, it outputs macro rule sequence of minimal match
cost.

Key words Explanation —based learning, utility analysis, knowledge base speedup, or-
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