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Abstract: CluStream is a popular data stream cluster algorithm, however, it is not capable enough to cluster
arbitrary shapes and make clusters in periodic data. This paper introduces a new algorithm ACluStream to solve
these problems. The ACluStream is based on the partition and assemble of the space and cluster by density. In the
experiment, it is shown that ACluStream is better than CluStream in speed and accuracy.
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Fig.3 Comparison of accuracy in picture 1's data
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