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Bayesian Network for Data Mining
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Abstract Baycsian network is a graphical model that encodes probabilistic relationships among variables of
mterest. 11 is a natural way te cxpress the causal information. and to discover the hidden patterns among the
data. Tearning of Bayesian netwark is to find out a network m()d.r-.'[ that best represents the dependent relation-
ships of the variables in a database. that is. given sample [ and prior knowledge &4 to find a Bayesian network
S that fits the maximum posterior probability p{" | D.£>. TIn :his peper, the learning process of the network is
stricily derived, and a case study is presented in indicate the applications of Bayesian networl in data mining.

Key words Data mining, Bayesian network, Bayesian probability, prior probability, posterior probability,
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