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An Algorithm for Mining Quantitative Association Rules
ZHANG Zhao-hai LU Yu-chang ZHANG Bo

(Depariment of Computer Science and {echnology 1singhua University Beijing 100084 )
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Abstract An attribute can be Boolean or quantitative. There are lots of systems and methods for mining Boolean
association rules but few for guantitative. Mapping quantitative atiributes into Foolean attributes is a convenicnt and
efficient way. In this paper, a new clustering algorithm is presented. Quantitative sttribute values are partitioned into
intervale according to the distribution of them in database. Then the intervals are mapped into Boolean attributes. In
this way, quantitative rules can be mined by using the techniquee of miring Boolean asscciation rules.
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