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Video Memorability Prediction Based on Global and Local Information
WANG Shuai, WANG Wei-Ying, CHEN Shi-Zhe, JIN Qin

(School of Information, Renmin University of China, Beijing 100872, China)

Abstract: Memorability of a video is a metric to describe that how memorable the video is. Memorable videos contain huge values and
automatically predicting the memorability of large numbers of videos can be applied in various applications including digital content
recommendation, advertisement design, education system, and so on. This study proposes a global and local information based framework
to predict video memorability. The framework consists of three components, namely global context representation, spatial layout, and local
object attention. The experimental results of the global context representation and local object attention are remarkable, and the spatial
layout also contributes a lot to the prediction. Finally, the proposedmodel improves the performances of thebaseline of MediaEval 2018
Media Memorability Prediction Task.

Key words: video memorability, attention, object detection, neural network
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115 2SI B R Py AR TE 4RSS I 4% b AT R BE AT kL 812%

1CAZ B S — AN M B A R B8 Bl N T A I R B MR AR AR ACAZ FETE — s R b2 F R R S L (L AR
T2 W, 017, FE A2 B A & P BT AR EAZ 1A — S 30 R i fE s ik A d 9 L R Ze 12
A A 25 R DAEEFRATTI 8 AR 3 D AT SR A R, D A By SRR 4 N B RIRZRI I T vl LLS B 4 =) 44
AT ERT = et TT XGRS 10 S 2 AR AR A AT DR v R e 202 200 A PR30 12 Tl A 5% 15 A T 00 R 2 2%
R BER A B X AATR SR A G I, e BT Z R A R R . . 5 RS RBE R 4.
W6 25 SIz Bsf 3L S8 AR P AR A A s = R R e, AR 1 A2 R TUIIAT: 5 70 45 1 R bR A B2 9 LR ER 22 1 A
U FFUR IR IX AN 15 8 S H AR ¢ AR R, 147 B R B SR N 25 1) — P o o, R SR SR B AR P b R J i — A

T H R UL ICAZ B R TN 3 Fh A R BE 428 TR0 U A0k e REDRE BE 4 588 2 B TR0 0 4 A 1 25
ALBATG 8 L — R FNEAZ BE 43 G (9] G, vy AR = G117 BE), 3 DA I S B s s 28 47 I 5 R0 Tl el T4
R [ARL RO TE B AT IR 72, K 22 30 T A A AR 7E IS W R AR =K. [l 3 g A =K S A [0 A 45 A R, B ik
B F B AR e SACZ B 2 H AR iR 205 BV B AS (8] A2 AR e e =0 rb 3RAT TR0 FH HE e B 28 o e A
ARBN AT HE R, [F I 0] LAAS B0 AZ B 1 1A

FE AT BIACAZ 2 F500 A o, 56 148 SR HOR — Ao Fot 0 A =K, A AT T #8903 0 T8AE — A B AR B R R s L 4
a FRATT B — AN R R A, B AT RA AT 1 A O R AR D R K — A 2R T A A, FATT AT A
FIH SIFT(scale invariant feature transform, ] A HFEAL#). LBP(local binary pattern, & # — {E 205 A
T v R E 6 34T — AN R 1 K 7~ , 82 F§ CNN(convolutional neural network, 5 FR #1258 W 25) B3z 2]
B — AN FRAE . XA A B8 88 PR T BTN I 12 BE R ROR B AN P B L R ER ) AF S0 G0, A Ak ) A )
A0 R A [ ) AR (4 AR IE 2 7 55 4 BT DATE AR SC e R AT 2 A4 JRi R ) 38 1 S [0 A B8 SR o A ) 12 42 2 kAT
ot

A EZE TR EIE:

(1) A4 JR AN 3 308 0 AS TR A S %o R AT 12 P88 1) Tl 3 AT R 28, AN 4 J=) A B2 3 Sl W7F 9 T AL i ik A28 SC A AT
FAI W) 1) 22 T8 3 AT R FS R 2 BB 77, MR B A BE AT 98 1 A R 4 1) 3R

(2) AR T T &R LT CRRBI, 28 A0 7 R 7R B 5 54 R = T B A A 17 B
TSR Z AT 3 ASAS[R] A7 BE X MR ARUHEAT RRAE 2 7 0 5 b, T DAAEASE 2R ) Fll e 7y it — 22 #2274

(3) 7£ MediaEval 2018 Media Memorability Prediction Task [IZ(#H4E FIGTE T B2 A 20vE SR SR B &
8 000 LS, IF HARSI A1) 55140 £ 8, A8 00 B AR 5t M JE SR 56 5 N D9 R 48, BT DA 36z A8 3 A | SR 11
Hdh B B UL WIS R I AT S

ATCEE 1 AT AR 07 B TN A D% AR B 2 10 B AR 12 R T ASE B (1 A4 A SR DL B 4T R AT
R B 3 1 A SR B TR 1) S B 4 SN LA A B S B 4 T AL A SCIR R SR SR I AT 7 ) AT D A 1 AR
H®T.

1 #xIE

1.1 RBIZEFMESER

A 1 TAE ¥ BAR R0 AZ BE FIIAT 55 52 SR — AN 4 FAT 55105 BB 7 35 4 T 1 S ¥ 17) B [9] U9 28 (support
vector regression). K-fziT 4l (k-nearest neighbor)f 2 A1k 5K #f (decision tree)iX 3 AN[A1 A RY 1 AL 28, 3 F DA
SoftMax &4 4r 2K 2 11 £ 2 B0 2% (multilayer perceptron) 47 Fii 38 1 % B — 26 B8, B Hodls £ #2419 ic 42
JE o BN K BRI A AR 4 A 2 T DA T AZ B TR 2% LA — AN G — 43 Sobm o EE BT 8 (1 4y S
IS8R 10 AR SE ), Be AR s b B FH B AN [F] 1) 20 A8 AL 1 25 9 HLnT DU 5 22 B 08 XA R e 12 B
7R AELRE G SR AR T T 0 AR ARG A P 5 S 0 o T B % A T AF B OE R R s 0 I B Gl B e 2
FEE b 225 3 AT ] 1 TN, 3 A2 e 42 S 7 L 7 A 26k 1) — b U LR R e 1 S AR A T AZ B P T S AR A E T
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AT DA B A [F A A 2 [A) B 20 2 SRk AT 2% 31 A5 G 76 Jond HE 5 A R IE SORe 5] 2 12 B 2= 3 ok RT3
() AR A R T B b e AR B i ke 7 AR 2 JR T 5 e sk A A e U e Sk e A R 1 i A R T DAAR
P NARAAT B — L8 PN R PP 15 53 DA R WA 6 0 B[R R ) o B 5 A ] DA 76 1847 B A il o
1.2 ERIBIZERN

TE 2 WA B A2 BE TOMMAE 55 v, B BTRIF 78 38 32 B4 vh 7 A A0 AR AT 403 b, i LA 2 H A0 12 B T 7 #e
R A Y 22 R 5 3 ) A6 AU 22 I 48 1 B0 2 2D B BE 1 IR 1R 2R, IR B 4 SR PR A 6F 7 £ 3 3 1 o
F, A2 0l 5 ok P L R ) B R AT SR N RS, B A TN 2 AR B B AR R L) A W A T I A 0 e 2 R 4
R S 44T SR ke TR P A0 AZ B, I R SN B B £ SR, 0 AT T A2 T S A 1) 2 1) o R U,
A TAEIRR T — LB TR B 2 5] 1 UG AR AE, O 0 M 7 /. ARAEAZ B AR oh i RS 78 2 9 v Sk
[16]H KB 1212 M 2% (long short-term memory)FF &5 G4 &= JIHLHI R BEAT B Fr 12 12 B 00 150, 32 B A B 8] AN 1
R e R B2 STURTRR VA A
1.3 #Sig Iz Efn

AR IC A FE S AR A B AS 6] B ML R i 2 6 R AN 37 5 It S8 s O3 J2 2 RN BT 7 8 T 3 #F R i
BN B IR R AR G A5 a0, — TR A AR I B S5 e A — AN IR BRAT T R s AR X R NIRRT
A H A 25 b 2 2 R e B B A RS A (R R Y B S TR R T DLW R O, E R A A A
T ZRouE, T L E B BCR R AR E = E P E B E H RS T AR 817 E B AR IR A % T
JFAE B ) P AT £ 4 AR AT 55, i A0 A o3 28 55 A AE SR ik, FRATT AT LR 1 5o I 2 4 A 85 B AT (0 R o
fEFHEL, 40 C3D(convolutional 3D,3D #F1). HMP(histograms of motion patterns,iz #15 = B J7 )& MR R |k
YEAE 1 22 P 2% (recurrent neural network) B8 % 1R 4F Hufili #2004 P B B /7515 .. Shekhar %6 A% 117 Show and
Recall 457ET7 5,78 TRECVID 2012 E@EAT 7 F57F,H FH BENL AR (random forest) 5 214 7 — LLREAE 3047 7 I
R4 C3D. BB EEN, AR ESSNT,
1.4 FEHRR )RR

H AT, AT EAZ BE TN AT 55 3B SR i DG 7, — ST 70 TF 4R 55 iR 2 I A 12 B8 a4, FF e — LB ff B )
FELRT7 1 AR, K N TARAZ FEA SR B A — A LR 00 8 SC AR AN PP AL 8 b S S5 AR AT 2 — AN FF 0 1) .
T30 i) R ) AR A AL 7] — Sk R B B 1 B 80 I TTAT 45 B T 0 R SR R T R 2 gL

2 SRICIZE PR EY

Z AT — LA SR B SN B D L 3 MO A B A AR BRI R B RO B S S
R R R AN RRL A 25 K 1 7 R M R U BB M R TR — BT s e id iz i i 3 Al R4/ B R SeRiB
PEAE R A R BRI SHE R AR R — MR/ BT R S — N AWE — B AL
B AR P2 A — N SRR, e R B I R RS, Y 118 SR A i 42 2 R AT SR o e R e e 3
X G AR AN 45 4 [ B R0 S AT FE 4R W AR, 2 ) A7 JR A A P — b 3R W ) 2Rk~ T #E
TSR] PR A, 1 B AN [6] 1) & PR T A8 2 X AATT AR 12 72 AR VTR I 52 ) 42 T Sk 7E W WUAB ) i 72 v AT AT
B I LR BRI Ak AR B AR AT AT DA T — PR B R R 1 T vk DU 3R AT o £
ARG AR B HE S A AT E B 1.

HIF 50 5 B, AL A0 ) 1553 1 A A0 L 1) [ = AT MR N S B AR B I R AE 2 o g 77, T T 1042 B 100 A 1R 4 1
RS BT LABRATT AT LA 0 (0 o A a3 A7 3R] 1) R T N R AR AT 4 SR VB SUAS LT 1 2 7 BB IE A& AT
A2 BE T 55 v, 2 1T I 58 AR AR 2D 2@ B B G BT 400 b 1 & Bl 4 7 A0 I — T AR o B 9 38 vt
T AN, 8 K 0SB SR (1 B 2 AT 4 M S R B A 4 B N 2 T T R I A B A R (SR
A LSTM(long short-term memory, 48 IF 1017 W0 48 )R 7 A7 L0 77 DL 3 AT 9608 1t X382 (B 2 350 %0
X R G A R 2 M R 2 R 52 6 G 7 B i B R X RN GE R —E TAERT A T ik 5 BlE e
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JEE 22T (0 9% 2, R B B T A2 B T (0 0 e sk P AR 3R Ak £ A A2 P8 A7 AR K (g 5 iy U1 3o 0 T4 AR i b AR RE T
PTG ACAZ B8 7 22 1) 1) 9% R E 0 0 B NATT0E R AN W4 1 O 3 72 82 . ORL ot FRATTER W T R R v i 0 L]
R 2 AL AN R X G0 AN IR 23X R BE A8 2 1 3 it e 1 T R T L RN 37 5 R AE S B (g
S ) AT AZ A 32 B IR AR POV IR SR A 25 B R G A 1 A R I I A AT B ONIN SR ST LAy
fER 7R I, AR B T 3 AR AR R 2H % I 28 0017, BE TR B 28 1 AN R & R 1R SCR R R,
F A8 PR AT bR A 3R] ) R R N SRR R A R R 3OS BB 2 A A A TR A SR AR R AR B RS I i e R
)4 42 F 30 SR 3 A B — A 4% AU JR) IR R, 2 J , CNIN 22 3 31— AN 43 8] A5 JR) 1) 1) B 36w 1 a2 R B I Ak
R R v R DT AL A R R R AR T AN R A E R P R R P S RS B S A
I (1) B AR R AE R 7R

L5 LTI AR SCHR T — R T AR R GRS L 2 ] AT SR 2 s A AT R % G AR K AR
7B TRASE RS ] 1 B o BT AR 28 19 K SSOHE B 45 5 — /N WU ATURITAR 7 (97 R, B AVT 27 e T LAAS B4 R 1 i N
Foor, B A R BN SCR IR IR XA A R R — M IR AR E @ it — AN TSR I 2R 1) Faster-RCNN(faster
region-based convolutional network)IR7FEEA™ H 7 (19 H AR AE AN 1 FAE . FATFH I 5% 18 78 10 FHAHE o 1 [X 3, B
BT IR BMIR, O O IEMAR T 55 3] — A% R 2 E A0 R R 5 N — AR B CNN 2% 5%
R — AFEAE 1) B R R RS0 AR 427 1R SRR 8 1 NRRAEVE i = L K query K
THELLE — AN WU b 0 21 (1 45 5 SR ASL B X GRR AIE (R0 AN AS S 250 R il 2 122t 1 i 4 R AIE 3 7 AL ) BT A vt 32
N#H4 /& GRU(gated recurrent unit) ™ 4% %N B 5, BAT TR 5 WRL &, B X 3 AN 20 17 35 2 B v B ¢
HIAAICAZ FE 43 4.

1L 30 b A
Word §‘
Couple relaxi ;i embedding =
ouple relaxing on Pienie | o e
crane shot :g
=

e A2 BET

== . s Object —
ﬂ 'I' . l\?;epnnnt s attention . =
a | - ~resne - H s
gt U ] embedding I
HLATM A P i Openlmage fil i % - -

Fig.1 Video memorability prediction model based on global and local information
Bl L T2 R R E B AR CAZ B T AR 7Y HE 2

2.1 2% ETXRRER

RUFT L ) 48 38 1 o AL B AT R AR (A A6 11k, BE 0 M 22 J) FR) A JBE e 5 — BRI ) P 7. 24 R 9 B ) =R 8 P
% 1D 22 R 9 bn i K B AR F R A5 BT B B 2 BRI S 1 AN e ) U TR S R e AT AR B
B AT DA T A 3 R D — X AR AR AE B AR B B BRI U7 B TS IR 2 R A R, e AR — A e R
T SCRVES A2 i B AL 25

X T B AR U, AT THE RS A 8 4T 31, 2% Bk A5 Ol B sl 4 B R TH ST R TE ). Glo Ve(global
vectors for word representation, 4= J) 1] [ 5 3 7 ) 1] [ B RN SR 5 K e AT P BB A 9 A0 7 ZeRs ik os B R
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i s L AT “E [l 5 B Sk ICAZ HEf

Short term: 0.950

Couple relaxing on pienic erane shot Long term: 0.900

Short term: 0.814

Business report at the meeting Lone term: 0.909

Young woman lying in bed hugging teddy Short term: 0.772
bear looking at camera and smiling Long term: 0.818

Short term: 0.864

Concert with people dancing Long term: 0.833

Short term: 0.692

Desert landscape to tree dolly Long term: 0.231

Fig.2 Some samples which include a frame extracted from video, spatial layout, corresponding caption and

long-term and short-term memorability ground-truth
P2 R R A A EBC ) — it b B2 A s 2% (B AT o RS I A2 BE R IR A 12 P
22 ZEMBERRER

B RE, G B AAT 1K) 25 (R0 A5 J3 A 6 4% 26 22, B A2 Mk 2 10 (40 8 270 00 0 A = [ 3 A e 4 Mk 2 1) ¥ 271
KOO, BATT AT AR G — R 24 AATTHA R A A 108 3 0 45 S8 7 B8 5 A R T 14 B 55 B R S s A L A
TRl — AE A A 43 A b 50 5 T I 5 e A — e B s TG RO, 3 4 B0 9s TR) ok 7R e A2 B T o, BRAT T R O
RGP A 1) 25 A0 A SR A AR LI ON T BRI 1) 25 80 AT Jo , FRATT B T 77— A 157 R 38 AL A0 2 1) A7 J=5 PR B A
56 Faster-RCNN K JUAILAT T = 04 %55 G2, 3545 2 AH B R REAE RIS N AE SR S5 A 1 AN R G &= HME o
ARG R 85, AT LG R — AN 0 F1 1 ZH B A, L rp ) A e bl B 60 AR 3R AR T AR R 7 =
HERRAE B 3 40 T 5452 W RERS 1 i A2

Algorithm 1. %3 [H] 5 sy FEHL
Input: XCHLA {535 505 ), O 6 RE),
C(HL AT A 1TE)
Qutput: M(HEFLHEF)
1 Ji 47 P ki HE bboxes=0ObjectDetection( X)

2 fori from 1 10 H do
3 for j from 1 to W do

4 M0
5 for bbox in bboxes do
6 ifATAL] in bboxes do
7 Mi[i1=1s
8 break;
9 end
10 end
11 end
12 end

Fig.3 Spatial layout mask algorithm
B3 Il e A S
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5, AR B B A BTG TR HEAT T 35, I N B — A B CNN L B 2541 9 B 12 Convl A5
30 4N 5x5 BRI, 26 K N 1;Maxpooling JZ maxpool 1,pool size N 2x2, 5K KN 2B E Conv2 B 15 4> 3x3
HIE %, 26 KN 1;Maxpooling JZ maxpool 2,pool size A 2x2 5K N 2;4 % )Z hidden layer 1 4EE°H 512;
dropout JZ,dropout rate 4 0.5; 4 3% £z /2 iy H 48 FE N 1, KR I 20 12 S .
2.3 FEIPMAEENER

TEMLE — B AT, A AT 3 0 TR AN W7 48 1), B VP SR ATTAE G — BLBUE 7R 3 M1k L LR TEAR
B4 4 1 SR [0 9] e AR 22 15 300, FRATT 8 — AR 2 7 B e R I W4, B DL — ol 17 2 1) 5 25 R A FH o K0 R R
ot AR, B k2 SR B FE AR SR B0 b TR AS S A0 G 7 T T A 0 3 P e R X G R N, — i T e R L
B3, 53— WU A T 70 o3 25, J8 B2 5 AT BOL PRS0 ) Bl A A i v SO AR K B

Soft Attention L & 5 FH T HLES &I % .Soft Attention AEAN 7T 5 AL FME B, AT LLFI & AL
AR A A R T A B B VEE I AUE N T R R R AR T A N R RS R RATIR H R A Soft
Attention FFHE S (1] BT A 0 GUR N B ERAS RN 28 2.1 5 SR B bR IR N REAEAE N — A query, H 15 255
AN d R T X B D RS B IR A S R 3 )2 GRU W48 5 i 8] 45 B B AT 4 38,18 2 — MEIZ 215 47

T RAR R R n A B3] 2E s, AR AR R R B T AN B 8 SO W T fe(X) 2R 78 B 1] x R T RN 7R, 0 4 ) |
TXRARWT:

%ifwe(wi )
Oy RNTE R I o DLAE S t WU BT A 0 A R AE 1) I AL

M
9, =Y axaeR"x eRP.

R AT HU) (0BT A 1904 1 G5 i B33 softmax BTy — AL ) i
__ o)
) zltﬂzlexp(et,k).
AR Z03 softmax i 7 2 /35 HE A Ei 0 PR AOE 67 R A ST L7 49K 10
€= fscore X,0)*
fmmmﬁﬁ%%~4%wm@%ﬁ%ﬁméﬁ@%;)
focorecs o) = V' tanh(We +UX; +b),

Hrr,ve RPW e R”C,U e R”® b e R® 43 7l 9 190 £ 1A 5L T Al s B

X AN 5, FATT S e AR AR, P Faster-RCNN G I il w1 Fr) 5k G 5 453 00T 17 (14 AR5 A 112 A,
4 BT A e K B NHES B 5 FRATTEE L T — A 3 )2 GRU W 458 SR 47l kB A WL AT B 455 2. AT HE — AN 12
&3 fH.

3 KBE5H

31 HiES5EFH#E

4 4t 8 000 A5 11 0 75 W AT ZH 5, A AT 458 17 P IIE 44 52, V7 W] IE 52 V7 7E MediaEval 2018 R34 F 1 &
BT AT AR A 1C A2 BE AR o AT HE 4G T R B B R (PRAE IS A2 BEAEL 0 40 A7), I DA 8 AP 4 %
WUSRRE AR AT R RE & 5 AMAIIRAE 1 — A AE IR B 5 5 4 T R B 5 RS 43,43 Sl 2 Il 2R 4k 6 000 41
ARATREE 2 000 AN FAT.

XA AT M b N L 7E SRR AWUAT T A5 P 6 R 4 A0 A0 R R R SR (0 B AN 3 R RR SRR R 7s, AR EE,
0,8 AR A 3% 528 20 A5 A AT PR HG B U e 70 3K S R0 5 0 AL A SC AR G 5, RT g A B T AR e
1.

ti
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HP 45 A0 P RRR S, R K A EAZ AR 28 R A B R AZ AR S, 4 Sk T A AT

o RICAZ BE T 55 A% AT 55 0458 TOUI 45 5 AL A0 B 8 1) << T 010 A2 FE AR 433X IR T I BRI L 43 i S e
B AT Re s

o KL FE FAT 55 X T 55 BL4E TR 45 2 A BT 48 (K < KA A2 E R Ar X RV T A JR 1~3 RidfE
AT g .

X TR WA TAE S, B 7 I UF A5 8 A5 =2 BT A A 40 1Y 20 S0 12 FE AN SN0 12 2 18] Y] Spearman’s rank
correlation.

32 BEE&R4G

— FRR U, FRATIASE FH TRl YA 753k SR U B AN AR AL B 23 3, 9 5 R AR SR 45 S AN R RHE. R A T
Pk SR, B 23 2P 3 F0 R R,

T 2, FATTAE A [ g B — R R AT [ V3, 45 BRI 142 B2 2 BN T Rk G 22 N RRAIE, 25 18 T PR SRS 3R 1
T o 7] — ARSI A [F) SR B AR AIE 1) 73 kAT P 39,45 B 0 ORI I 0 I B p L5 2 TR T-38 2
JZ 1A, AT R B[R] — R AN (5 R ALE 4 73 BV 9 R AR 2 ke, IR S N B8 2 = [ DS 28 BTG 000 A 25 10
Ak 8

BRI 9 WA TE 75 1), BRI JRATTAR R T AR S AR (1 A5 0 AR 01— 6 i N1 SR 258 AL 1) b AR
R T AT AT G 23 % - 2885 58 () R BUE AT 1 2045 B0 R IR Z). A8 1 38 S ROIZ i N A1) T 19
Fon h, LLE T-ie A2 .

TN GRi N AL KBS S B, BT X6 F 1018 SGHAT RIS AT H GloVel i ) B AF Jy SCARFE.
GG A B RN, AN T 19 7 AR B A) T I 28 7 18 0, 16T B AT e AT ke > Ui /S 48 B2 (P 30 2 5 0%
P IDF(inverse document frequency, ¥ 3¢ A4 % 46 B0 M AR 8 47 (AL P2 AR 5 SR FiSE U 2R 1Y skip-
thought™ Wi & J5 AT 13E 2448 ConceptNet! " i i3 3% 4 #7935, 7T LLIR1E A [ 5B (AR K=

S WL AR AIE, FRATT 5 B8 — A 5 IO 45 2 [ REAIE R 56 2R AE 0 % €3DPY. HMPPIEL 4R, 13DPPY, £ 2070
FEILZ A G0, K] C3D. HMP HMISEAARAE. ML AR, A TR SR EL T 13D ' RGB 73 SCRIH0ER 2 2 HIHRHIE.

FRAVTFH 3 o0 ] U1 88 A g 356 2 AR B S o 1 B [ U1 (S VR) A B AL AR AR [5] U (RFR). 2 5 H W s 18 R 2 .SVR
TS C A 0.125~32. 1A FI A 2 U 4% R Y5 FEHZ [100,1000], 28 K0 100555 KR FE 15 2 [2,10], 3L
KA 213D HEALE ImageNet F1 Kinetics #E4T T Fiill k.

3.3 BAERY

I AL I A2 BE TR (8 AN R RFAE 45 R 40 Sl n 1] 4 AR 5 s ANIE] 4 185wl i, SCAR RPAIE 5 3 EG A0 3
RRRIG B AT A B8 7 2% TR0 3R 10 53 I B 40 388 . 40 R — N 2 0 B0 F — AN dm okt
TR R A 4 B N T A AT A 3 A 0 G AN BE AN PR A B 9% R AR AL P RE AL S X A T
(EAN R UL, ¥ 1 A A 92 8 5 A2 B AR R ) 8 2

Xf T (A7 Ry, AT HE RS 3 FiAS [R] A B0 R ] B B L S A5 30 RN TR AR K /DN G B T P2 =R B O FRATT A
1 EFEN SR E AR R AIME 0 SR7e. i B B 1) 308 AR R0 T 5 DX ol 6 5 s I3 ) 0 R AR 78 i AR K
I P XSO AN A 1 TSR R O T i L, A3 25 R8I I [ 4 2 it 55 9 A T S 74 7 SR G -1 25 A
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Fig.4 Results of different features for long-term memorability on the local test set
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Fig.5 Results of different features for short-term memorability on the local test set

K5 ASFERHIEE A IR 4 E A I 1012 FE A 46

Table 1 Results of spatial layout for long-term memorability

=1 A RBRE R IEIZ E 45 R

HWE [ES e ESES [Ny
ABRM T3 0.144 0 0.1290 0.141 1
LSTM 0.138 8 0.1215 0.138 4

Table 2 Results of spatial layout for short-term memorability
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el ] P B o AR K /N i B
AL AT T 1) 0.280 3 0.270 5 0.2773
LSTM 0.265 4 0.262 3 0.260 5
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Table 3 Results of two strategies in object branch on the test set

T3 PIMPAL B ARREAE S AL AR R 2 R

HWg YIAERET)  YBRENT  REES
Long-term(JC 2% [ £fi Ja A B ) 0.224 8 0.228 1 0.234 0
Long-term( %% [A]47i &) 0.2312 0.238 5 0.241 6
Short-term(JE 2% [f] A7 7 # £t 0.447 1 0.458 0 0.465 2
Short-term( %% [ 1 J&)) 0.469 5 0.470 2 0.471 1
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Fig.6 Some samples of the dataset
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