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Abstract: Big data management systems are migrating from software-centric computing platforms to data-centric computing platforms,
and traditional relational databse management systems (a.b.a. RDBMS) do not entirely meet the need for data-centric data management.
Hence, it is urgent to design a new kind of big data management systems. In thisThe paper, we first reviews the history of the development
of data management systems. Second, we it analyzes the current situation of big data management systems in terms of data storage, data
model, and query engines of big data management systems, and points out that current big data management systems have the
characteristics of modularity and loose coupling. After that, the data characteristics and application characteristics of the big data
management systems are we introduced the data characteristics and application characteristics of the big data management systems,, and it
is pointed out that big data management systems are still rapidly evolving, but do not mature. Finally, the future of big data management
systems is we predicted, i.e., the future of big data management systems. Big big data management systems in future should have the
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characteristics of multiple data models coexistence, multi-computation platform fusion, elastic adjustment, new hardware driven,
self-adaptive tuning, and so on.
Key words: big data management system; data storage; data model; modularity; loose coupling
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(2)  Hodm ALk, T & B AT BE LN R G, A PR OB 75 I A R e B e R AR AT A 55 )
BC I, N7 78 75 25 FE b A% S s [6],

(3) HEEMF R IBIR S AR AL G RGP IES x86 JEM AL HE 2 M AUE 45 T REAIE S GPU. FPGA
SRR, 7 B BB B BAT R 5 A B X b v T B e A AR

TEAT G R K844 77 T 0 018 T S 0 1 48 . LI 55 2R A7 6 243 (non-volatile memory)®1y £36 i1 37 A
Jot AT 2 0 R A B AR, U R R el A RIS 1) S A KR B R S R A T RE R AT
2 FPAT il S 20 04T e T 38 10 0 A7 i BT B R ORKEh T R I BN R ARG, M %A
B ) A P MR, S e 1 500 £ i FEE R 1) I 26 H R, B RDMAD®) Infiniband®74, w7 L 22 fig AAE 43 A 20
F G HCHE A B, (e R P K 5 BOR B2 RO KRB i B R G i N

45 BiERIEMm

AT, RSt 5 PR Gl Rk 20 A SO 2 4 A0 L B A7 0 S5 T IR R G R AE X LT IR R 421
ST A DAB B SORISE DN F ZHARE 41U NoSQL R4t BUAR H I ¥ 2 SR8 N Hide 5 (A7 6l IR 55, L
BENE HEAT RGLY R (H 2R G2 Th REARDNS 5 — T 170 B2 2% 0 T SRR R R A7 304 55 08 0 845 B O L E 70 A A2 kb o 2
{1 T e 245 U R T R 2R I B 08 1O R 2 P T SRR R AT 5% 1 TR 48 R A B R R SRR KB B B R KR
7 TR AR SRR K B A G A7 i 7 B SRR AT AS R U7 )R 1) TF S TR AT 55, S e 6 AS [R5 3 7 3t
VAR A AR AR L e 3 A il DA K B AT xS TR A 55 44 R 20 BE AN [R] B A i R E AT 1 S ) 56 1 (451
fn JEE T R Gt H B SRR B R G B 7 18, SR R SR K B T AR G B A T A AR
WA

AR B R e B 2R G L e % i T AN (7] B A7 i A 5T MR Bk R A A Rt n) B AT A R R AR R T
AR ) U i A X 0 5 I P A R [ N R 8 B AR AN (R A 55 7 SR - BE PR B AR T RS (L) SO R
Tt R RAE i, BAT v I A ARE 3B A B I8 OB A7 i AN A SAF B 55,(2) SRR T T BE R, B0 o) B dl i3t 4T
AL 2, ot 5 ZR AR AR AN AR AR 1) At B G — U T 42 1, I SR 6 Bl 3 2 SR B A oD AR
FEAE At J AVTE 5302 80 () B0 1% i 525 () STHRF 2 A v S xRV A (1 55 1 191 3 2 1) 12, 308 3o 0f AN [ 77t 8 4 A
Bl R AT H A0 R A T SR N 55 # kR T, B B 18 % 5 38 IO A7 A AL DR O EAT PRI (4) SCFRR %
FIE A7 fif PO R 247 ) BRI 6  E 08 R4 50 AN AT 95 S TR T AN R S B A7 ik 1) AR I BT i A [7] 4 55 v 1t 7
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e 43 () % U5
5 B 4

AR SC BT O O R R T AR T ORI 1 TR R IR AR AR G O R BUE E T W KO BAR
——RAB ., BRI F55 BB 0 VA R KR 145 B SR R B R R R R A BRI
BT FE A MR 5 ¢ 2 B3 JE 1 one-size-fits-all #5745 3| one-size-does-not-fit-all, AT 46 2380 K& & H © N
MR R I B E R KBRS B R A RS B AR BN A B, & KT ARG ML R R, 8T R AR
A B8 AT A 3 O e B KB L R GBI KR B RGN B BRI . RGN
FHRRAE 1 4347 48 H X B0 8 B0 R R RE AR Ul A 2 o IR 48 7 KB B 31 R S MRS Ui W) B 5, AR S
MEBHREAL, R R FELE. HEMRIX 5 AT KRR EERA AR K EBHBIET
T,
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