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Fig.5 The examples of face normalization
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Automatic Human Face Recognition Based on Eigencurves

ZHANG Gao-qing WANG Shen-kang YE Mao-dong

(Department of Computer Science and Engineering  Zhejiang University Hangzhou 310027)

Abstract A fast method for face recognition based on eigencurves is presented in this paper. First all faces
with different poses and sizes are located and normalized. Then several kinds of eigencurves are built to describe
characteristics of faces. And finally, the dominant characteristics are extracted which are composed of represen-
tative vectars of faces through analyzing the eigencurves using Fourier describer. This method has been tested
on 1 300 facial images and shown a good performance of speed and accuracy, and the result also shows it is ro-
Lust for various head poses and expressions.

Key words Automatic face recognition, face normalization, integral projection. eigencnrve, Fourier describer,
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