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Abstract: This paper presents a novel approach for incomplete text system. Which is based on hypergraph model
clustering by using the set-pair analysis, and in which the similar, different and anti-contact connectivity of Set-pair
and the similarity value of set-pair are used. After hypergraph model set up, a hypergraph partitioning algorithm is
used to find clusters. This new method can eliminate disadvantageous factors and decrease the number of
dimensions of the incomplete text data and enhance the speed largely and precision of text clustering. The
experimental results show that the algorithm is feasibile and efficient.
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Table 1  Clustering result of HMETIS algorithm
F 1 ORI SCHER[OTA AT 2 A SR 45

IARKE R
4 ot ek i s | FIRTEFZ | FRESSE | FRETR | RS .
PR | BORR | BOR | omen | wRmn | wms | scemss | RGO
ZF(90) 71 14 5 0 0 0 0 78.9
75 2K(85) 9 70 6 0 0 0 0 82.4
1 25(85) 13 3 69 0 0 0 0 81.2
F- 145 1 i % (%) 81.6
Table 2  Clustering results of the algorithm of this paper
FT2 FIHARSEIER R G R
ARG R
HRA L - w | FHETE | AERT2 | FNETE | R T2 5 A
7 > el N H = N " ¢ o 3 e N . R
PR | R | BER | gemwn | wesn | mase | meaapae | EREOO
2232 90 41 1 3 31 12 2 1 93.3
B4k 85 4 37 0 31 2 10 3 92.9
HHK 85 3 1 31 3 11 28 1 91.8
T35 IE A R (%) 92.7

S 25 R, SCHR[9] 1 SE SR I B IET AN 81.6%, 3 A 1k B SR I AO AR, i A AT A ST 2R R 5E
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