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Table 3 The mined rules of soil fertility on the network’s second times convergence (part)
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Abstract ; A novel neural network based rule extraction method is proposed in this paper. This method cun-
sists of a primary network and its corresponding mapping network, which includes twice convergent processes.
The knowledge acyuisition and network consiruction ol the method are [ulfilled by the first convergence of the
primary neltwork. Here by a mapping network corresponding to the converged primary network is created whose
convergence is capable of realizing the rule extraction. Since there is no nced of cnumerating the overall space of
solutions for this method to extract rules, therefore the scarching cfficiency is greatly increased and the compu

tation complexity is dramatically reduced. Meanwhile, a stop eriterion of rule extraction in terms of difference of
belief degree is also proposed in this paper. A lot of simulation experiments and practical applications illustrate
and verify the validity and correctness of the proposed method.

Key words: KDD (knowledge discovery and data mining); rule extraction; neural network; convergent net-

work; difference Of belief dEgl’Ee
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