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Table 1 Tagging results using different training sets
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Table 2 The number of same tagging pair in different training corpora
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Table 3 The variety of part-of-speech probability matrix in different training corpora
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Table 4 The appearance number of words in different training corpor:
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Table 5§ The variety of word probability matrix in different training corpora
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Table 6 Part-of-Speech tagging result alter improving
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Analysis and Improvement of Statistics-Based Chinese Part-of-Speech Tagging
WEI Ou WU Han SUN Yu-fang

(Institute of Software The Chinese Academy of Sciences Beijing 100080)

Abstract In this paper, a popular statistics-based training and tagging method for Chinese texts is studied,
and the nonlinear relation between treining set and tagging accuracy is analyzed from the aspects of the structure
and numerical value of the matrix of transition probzbilities and the matrix of symbol probabilities. In order to
make use of trainirg corpus sufficiently and get the higher tagging accuracy, the training and tagging method is
improved from two aspects: using other grammatical attributes of words, and strengthening the processing of
unknown werds. With the improved method, open test and close test showed that the overall accuracies are
about 96. 5% and 96 % respectively.

Key words Part-of-Speech tagging, n-gram, corpus, grammatical attribute.
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